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Abstract

We investigate the field of portfolio optimization where the agent maxi-
mizes the expected utility from the terminal wealth. The aim of this work is
to obtain dynamic portfolio strategies where risk management and strategy
constraints apply. When requiring a guaranteed floor with probability one, we
provide two admissible solutions, the option based portfolio insurance in the
constrained model and the alternative method. When the floor is guaranteed
partially, we provide conditions under which the Limited-Expected-Losses
based risk management is optimal. We show that the Value-at-Risk based
risk management is not admissible and provide an admissible alternative to
it, the portfolio insurance with spreads.

Keywords: power utility maximization, optimal strategy, risk manage-
ment, convex constraints



Abstrakt

Praca sa zaobera oblastou optimalizicie portfélia, pricom sa maximali-
zuje oCakavana uzito¢nost z majetku na konci investicie. NaSim cielom je
najst dynamické stratégie, kde uvazujeme riadenie rizika a ohranic¢enia na
vahy. V pripade, 7e uvazujeme garantované dno so 100% pravdepodobnos-
tou, uvedieme dve pripustné riesenia: OBPI s obmedzenymi stratégiami a
alternativnu metodu. V pripade, Ze uvazujeme ciastoCne garantované dno,
uvedieme podmienky, pri ktorych je metoéda Limited-Expected-Losses based
risk management optimalna. Ukazeme, ze metoda Value-at-Risk based risk
management je nepripustna a predstavime k nej alternativnu metédu, zais-
tenie portfolia pomocou spreadov.

KTIacové slova: maximalizacia ocakavaného uzitku, optimalna stratégia,
risk management, konvexné ohranicenia
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Introduction

The problem of maximizing the expected utility over a given time horizon is
one of the most frequently examined problems in financial mathematics. One
can achieve the maximum expected utility by choosing the proper portfolio
strategy, i.e. by optimal allocation of the available funds among risky and
risk-free assets.

The problem was first examined by P. A. Samuelson. In his work [33],
Samuelson investigates the lifetime consumption-planning and the invest-
ment decisions, considering one risk-free and one risky asset. The return
on the risky asset is stochastic, having a general probability distribution.
Samuelson presents the model in a discrete form and interprets it as a prob-
lem of dynamic stochastic programming, solving the Bellman equation. He
states that for power utility functions, the optimal portfolio strategy is inde-
pendent from the consumption decision. Moreover, the optimal strategy is
constant over time and the consumption is given recursively.

Merton [24] confirms Samuelsons results for a continuous-time case. He
develops a multi-asset model considering one risky-free and more risky assets.
In addition, he specifies that the returns on the risky assets are generated by
a Brownian motion.

J. Lehoczky, S. Sethi and S. Shreve [17] expand the model of Samuelson
[33] and Merton [24] by allowing constraints on the consumption. Moreover,
they admit the possibility of bankruptcy, i.e. the wealth level of the agent
may reach zero in finite time.

While the previously mentioned works of Samuelson [33], Merton [24] and
Lehoczky, Sethi and Shreve [17] consider constant risk-free interest rate and
constant returns on the risky assets, Karatzas, Lehoczky and Shreve [15]
present the utility maximization model with time-dependent interest rate
and asset-returns.

In his work, Nutz [26] expands the power utility maximization problem
using a special case, when the prices follow the exponential Lévy process.
His approach to the problem is also based on the construction of the corre-
sponding Bellman equation. Nutz proves that the results of Samuelson and



Merton hold in this case too. Additionally, Nutz examines the case when the
portfolio strategy is constrained by a fixed convex set and shows that in such
case the optimal portfolio strategy is constant and the intermediate consump-
tion is deterministic. In [27], Nutz considers stochastic portfolio constraints
and shows that the portfolio strategy can be obtained as the argmax of a
predictable function.

No portfolio with risky assets guarantees any return. The aim of the
portfolio insurance is to limit the losses and simultaneously to allow the
participation on the rising market. The idea of insuring the portfolio against
losses was first introduced by H. Leland and M. Rubinstein in 1976. They
developed the option based portfolio insurance, also referred to as OBPI. The
OBPI consists of a risky asset and a put option written on it. The strike price
of the put option represents the floor such that the value of the investment
at the maturity is higher than the floor with 100% probability.

There is a possibility that the required put option is not available on
the market. By Leland and Rubinstein [18], in such case one can synthesize
the put option with a replication portfolio that consists of the underlying
asset and a risk-free bond. Using the replication portfolio the OBPI becomes
dynamic, so that one can guarantee the discounted level of the floor at any
time from the beginning until the maturity.

In 1986, Perold [30] introduced another type of dynamic portfolio insur-
ance, the constant proportion portfolio insurance, also referred to as CPPI
(see also [31]). The CPPI agent first determines the floor under which the
portfolio is not allowed to fall at the terminal date. At each time he calcu-
lates the difference between the discounted level of the floor and the actual
value of the portfolio, the so called cushion. The exposure to the risky assets
is calculated as the cushion multiplied by a predefined constant multiplier.
Both the floor and the multiplier are the characteristics of the agents risk-
tolerance. In case of no constraints on the exposure, the pay-off expressed
in terms of the terminal price of the risky asset, is path-independent. One
can explicitly calculate the expected terminal value and the variance of the
strategy.

There are numerous modifications of the CPPI model. Considering con-
tinuous time, the CPPI strategy protects the portfolio from falling below
the predefined floor. In reality, the dynamic relocation is realized at discrete
times. If there is a sharp drop of the market before the agent has a chance
to trade, the portfolio falls below the floor. The risk of violating the floor
protection is called gap risk.

Balder, Brandl and Mahayni [1] examine the effectiveness of CPPI strate-
gies in terms of the gap risk under discrete-time trading. They define the
shortfall probability, that is the probability of falling under the predefined

4



floor at the terminal date. The shortfall probability is dependent on the ex-
pected return and the volatility of the risky asset and the multiplier. Using
these parameters, the agent is able to determine a minimal number of re-
hedges such that the CPPI strategy is considered to be effective in discrete
time. In our case, effectiveness means that once the number of re-hedges
exceeds the minimal number of re-hedges, the shortfall probability decreases
with the increase of the number of re-hedges. Moreover, for every given con-
fidence level of the shortfall probability and every number of re-hedges, the
agent is able to determine the multiplier.

Lundvik [19] states that if the agent determines the multiplier to be less
than the multiplicative inverse of the maximum historical asset fall during
one trading period, then the portfolio cannot fall under the floor.

The basic model of CPPI does not consider any constraints on the expo-
sure, i.e. the method supposes unlimited credit. Boulier and Kanniganti [5]
discuss the CPPI with constraints on the exposure. In such case the value
of the portfolio is path-dependent at any time and one cannot determine the
expected terminal value analytically.

In the standard CPPI method, the higher the multiplier is, the more
actively the portfolio participates in the rising market. Simultaneously, the
portfolio approaches the floor faster when the market is decreasing.

In case of a significant market climb, the floor can become irrelevant in
relation to the portfolio-value. In such case, it is logical to modify the floor.
Boulier and Kanniganti [5] suggest to incorporate a "ratchet” effect. If the
calculated exposure exceeds the constraint on the exposure, the difference
between the calculated exposure and the constraint in addition to the original
floor represents the new floor.

The exposure to risky assets approaches zero when the cushion approaches
zero. In such case the agent invests only in the risk-free asset till the maturity
and the portfolio has no chance to participate in any further market-rising.
Boulier and Kanniganti [5] suggest to increase the initial floor by a margin.
Once the cushion approaches zero, the agent can extend the cushion by a
proportion of the margin, allowing the portfolio to participate in the rising
of the market.

Mlynarovi¢ [25] suggests different modifications of the CPPI strategy,
considering asset management fees. His main result is the modification of
CPPI for pension funds with moving investment horizon. By the legislation
of Slovak Republic, the current average value of the pension fund defines the
guaranteed value of the pension fund six months later, thus the guaranteed
level of the pension fund creates a moving horizon.

Khuman and Constantinou [16] apply the CPPI strategy under the as-
sumption that the price returns are modelled by a standard GARCH process



that captures time varying volatility and excess kurtosis.

The comparison of the OBPI and the CPPI models became a topic of seve-
ral papers. Bookstaber and Langsam [4] states that the option-replicating
portfolios are path-independent. By Bertrand and Prigent [3], the continu-
ous version of the CPPI model is also path-independent, however exposure
constraints or the variable floor cause path-dependency.

Brennan and Schwartz [7] define the portfolio to be time-invariant if the
fraction of the wealth invested in the risky asset is at most the function of
the previous level of the portfolio. The advantage of time-invariant strategies
is that the strategy does not have to be bound to a given terminal date.
According to [7], the continuous version of the CPPI model is time-invariant.
The opposite is true for the OBPI method, since when hedging the put option,
the agent needs to know the terminal date to calculate the next proportion
invested in the risky asset at any time.

Bertrand and Prigent [3] compares the OBPI and the CPPI methods in
terms of dominance. They state that neither of the strategies dominates the
other for all terminal values of the risky asset, i.e. the payoff functions in-
tersect each other. Moreover, none of the strategies stochastically dominates
the other at first order. Bertrand and Prigent [3] also show that if the mul-
tiplicator is allowed to vary, the OBPI model is a generalized version of the
CPPI model. Zagst and Kraus [35] extend the question of stochastic domi-
nance up to the third order. They provide certain conditions for the market
parameters under which the CPPI method dominates the OBPI method.

The aim to improve the portfolio performance led to the question of
risk measuring. The Value-at-Risk is a risk measure that calculates the
maximum expected loss of the portfolio over a given time-horizon with a
given level of confidence. Even though the concept was known from the
1920s, it became a main topic of interest after the stock market crash in 1987
and has been analyzed by many authors, such as the American multinational
banking corporation JP Morgan [13] or P. Jorion [14].

While the OBPI and CPPI methods require a guaranteed floor with prob-
ability one, the Value-at-Risk based risk management guarantees the floor
with a given probability less than one. Basak and Shapiro [2] introduce the
power utility optimization model using the Value-at-Risk based risk manage-
ment (also called VaR-RM). The VaR-RM divides the behavior of the agent:
he insures the portfolio for most cases, but leaves the worst cases uninsured.
Basak and Shapiro derive the optimal portfolio strategy and find that it is
a proportion of the optimal portfolio strategy of the benchmark agent, who
does not consider any risk management. An interesting result is that when
losses occur, the terminal wealth of the insured portfolio is less than the ter-
minal wealth of the benchmark agent. Hence, Basak and Shapiro [2] suggest
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another type of portfolio insurance, the Limited-Expected-Losses based risk
management (LEL-RM), which controls the magnitude of the loss instead of
the probability of the loss. The optimal portfolio strategy using the LEL-RM
is also a proportion of the optimal portfolio strategy of the benchmark agent.
The advantage of the LEL-RM is that when losses occur, the terminal wealth
is higher than the terminal wealth of the benchmark agent.

Even though both the optimal portfolio selection and the portfolio insur-
ance were examined by many scientists, it still offers many research opportu-
nities. The aim of this work is to bring together these two areas, specifically,
we investigate how to insure the portfolio when convex constraints are im-
posed on the portfolio strategy. We intend to provide either optimal or
admissible solutions for the problem of dynamic portfolio optimization with
risk management and strategy constraints.

Our work is organized as follows. In Chapter 1 we introduce the basic
settings and define the sets of convex constraints, which we will use in the
further chapters. Since we evaluate each strategy by its certainty equivalent,
we briefly describe its principles.

In the next three chapters, we review the relevant literature on the basic
models that we use as a starting point of our investigations. In Chapter 2 we
recall the power utility maximization problem. First, we consider that the
portfolio strategy is constant over the investment period. We derive the opti-
mal portfolio strategy in both cases, with no constraints and with constraints
imposed on the portfolio strategy. Naturally, the certainty equivalent of the
unconstrained model appears to be higher than of the constrained model.
Second, we examine the dynamic portfolio strategy. We review the results of
Samuelson and Nutz, who state that the optimal dynamic strategies of both
the unconstrained and constrained models are constant over time.

In Chapter 3 we briefly describe two types of portfolio insurances with
guaranteed floor, the option based portfolio insurance and the constant pro-
portion portfolio insurance. If the required put option is available on the
market, the OBPI is a static strategy. We introduce the dynamic strategy
of the OBPI, which is used when the required put option is not available on
the market and the agent synthesizes it. The constant proportion portfolio
insurance is a dynamic strategy.

Chapter 4 gives an insight into the results of Basak and Shapiro who ex-
amined the portfolio insurances with partially guaranteed floor. We highlight
their conclusion, that insuring the portfolio using the Value-at-Risk based risk
management or the Limited-Expected-Losses based risk management yield
an optimal portfolio strategy, which is a proportion of the portfolio strategy
of the benchmark agent.

Our goal is to investigate how to apply the previously mentioned insurance
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methods when the portfolio strategies are constrained. Chapter 5 examines
the portfolio insurance with guaranteed floor in the constrained model, where
short-selling of both risky and risk-free assets is prohibited. We provide an
admissible solution for the OPBI in the constrained model and compare it
with an alternative method.

Chapter 6 presents the VaR-RM and the LEL-RM in the constrained
model. We show that the LEL-RM is optimal under certain conditions, but
the VaR-RM is not admissible in the constrained model. Hence, in Chapter
7 we provide an alternative to the VaR-RM in the constrained model, called
the portfolio insurance with spreads. The portfolio is insured based on the
VaR-constraint: if the constraint is not satisfied, in addition to the portfolio
the agent buys a put option with the strike price equal to the required floor
and sells another put option with a strike, so that the VaR-constraint attains
equality. If the constraint is naturally satisfied, the agent does not insure the
portfolio at all. Such a strategy is admissible in the model with strategy
constraints.



Chapter 1

Preliminaries

First, we establish the basic economic settings and define some sets and
relations that we will use throughout this work.

1.1 Economic settings

Let T" > 0 represent the time horizon and let the triplet (2, F, P) repre-
sent the probability space. We use d risky assets and one risk-free bond to
construct our portfolio.

For a given quantity, we use the upper index ¢ = 1,2,...,d to represent
a particular asset and the lower index t € (0,7") to express the time depen-
dence.

We denote the expected return on the asset i by u!, the positive defi-
nite volatility matrix by ¢ = {¢%,7 = 1,...,d,j = 1,...,d}, the covariance
matrix by c® = oo and the risk-free interest rate by r. We consider these
parameters to be constant over the time.

Let w; = (w},w?,...,w?) T be an Révalued Brownian motion on the prob-
ability space (€2, F, P). Then the prices of the risky assets and the non-risky
bond follows

dSi = S!udt + o;dwy], fori=1,2,....d,
dBt = Bﬂ"dt.

We define the portfolio strategy as 8; = (8}, 5%, ..., 84) ", where ! repre-
sents the proportion of the total wealth invested in the i-th asset at time t.
For simplicity we fix the initial capital Xy. The wealth process then follows

dX; = Xy[r + B (u — r1)]dt + X8, oduwy, (1.3)
where 1 = (1,1,...,1) ",



The existence of the state price density process & ensures the market
completeness (under no-arbitrage). The stochastic differential equation for
& is given as

d& = —&[rdt + k" dwy], (1.4)

where £ = o~!(u — r1) is the market price of the risk process and is also
considered to be constant over time. In all cases we consider the portfolio to
be self-financing

ElerXr] < &Xo,

i.e. after the initial investment, no further investments are needed (the as-
sumption of zero net investments), and buying or selling one type of asset is
balanced by selling or buying other assets (the principle of self-financing).

The agent strives to utilize the expected terminal wealth U(Xr). The
utility function U is assumed to be increasing, concave and twice continuously
differentiable. In our work, we focus on the power utility functions of the
form

X’l—’y
UX) = : v > 0. 1.5
We exclude the case when v = 1, as in this case the utility function is

logarithmic.
By Prigent [32], the power utility functions have a constant Arrow-Pratt
measure of relative risk-aversion in the form

U(WT)// B

R(Wr) = =Wy s =

Mehra and Prescott [21] state that a reasonable relative risk-aversion takes
values between 7 € (2,10). The higher the parameter of the risk aversion is,
the more conservative the agent is.

Note that in the literature, the power utility function can also be re-
ferred to as isoelastic function or CRRA (Constant Relative Risk Aversion)
function.

1.2 Convex constraints

Often, there are constraints imposed on the portfolio strategies. Let 7 repre-
sent any portfolio strategy in general. When short-selling of the risky assets
is prohibited, i.e.

>0 fori=1,2,...d,

the set of admissible strategies can be defined as

Co={necR:7">0i=1,2,..4d}. (1.6)
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Another common restriction is that the agent is not allowed to borrow risk-
free bonds or cash to finance the purchase of further risky assets, i.e.

In such case, the set of admissible strategies is given as
d
Ci={reR":) <1} (1.7)
i=1

Finally, if both restrictions apply, i.e. the short-selling of both risky and
risk-free assets is prohibited, the set of admissible strategies takes the form

C={reR':7">0,i=12.dY» = <1} (1.8)
Note that all sets of admissible strategies C;, Cy and C contain the origin.

1.3 The certainty equivalent

The certainty equivalent is defined as the amount that yields to the same
utility as the risky portfolio X, i.e.

U(Cx) = E[U(X7)].

Using the power utility function, the certainty equivalent of the risky
portfolio X can be calculated as

Cy 5 X5
I -~

o - (0-n [X%‘q)ﬁ. (19)
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Chapter 2

Portfolio optimization

The aim of this chapter is to provide an insight into the power utility maxi-
mization problem under various conditions.

After establishing the basic settings, we first examine the simplified model.
By solving a quadratic programming problem, we obtain the optimal port-
folio strategy. We consider two types of strategies, one with no constraints
and one with convex constraints.

We provide an example, where we examine the portfolio performance
under different conditions.

In the next part, we consider a multi-period model. We describe the
results of Samuelson [33], Merton [24] and Nutz [26] and [27], who approached
the problem through dynamic stochastic programming.

2.1 Power utility maximization with constant-
proportion strategies

Consider a portfolio with constant proportions 3 invested in the risky assets.
Then the portfolio process follows

dX, = Xi[r + BT (p — r1)]dt + X, 8" odw;.
For a given X, one can express the terminal wealth by [to’s lemma as

Xy = Xoert8T (h=r)=357 AT +5T owr

where wh ~ N(0,T) for i = 1,2, ....d.
Using the power utility function, we can describe our maximization prob-
lem as

X;
max F [ L ] )
B 11—

12



where the expected utility from the terminal wealth can be expressed as

X1 X1
E L iv} _ - 0_,7e[?“JrﬂT(M*Tl)*%VﬁTcRﬁ}(lf’Y)T' (2.1)

First, we differentiate (2.1) with respect to § and set the derivative to zero

1—y
-7
where 0 = (0,0,...,0)".
Then we can express the optimal portfolio strategy as

~ 1 _
B=—(c"u-r1). (2.2)
g
Let A be any set of all admissible constant portfolio strategies, containing
the origin. Assume that A is convex. Then the power utility maximization
problem with strategy constraints can be described as

X;
max F [ T ] )
BeEA 1—7

One can see from (2.1) that in order obtain the optimal strategy on the
set of admissible strategies, it is sufficient to minimize the exponent. Hence
the optimal strategy [ is obtained as

~

1
B € argmax B (n—r1) =578 c"B. (2.3)

Let us now examine the portfolio performance using different strategies.

Table 2.1 includes 10 risky assets representing each sector of the Global
Industry Classification Standard (GICS - developed by Standard & Poor’s).
We use these 10 assets to construct our portfolio.

Table 2.2 provides the yearly returns and the covariance matrix, estimated
from the daily data from 4th October 2011 till 2nd October 2012. The assets
with the highest returns are Apple, Bank of America Corp. and AT&T, the
assets with the lowest returns are Ford Motor, United States Steel Corp. and
the Southern Co. In our case, there are no assets with negative returns.

Let the initial value invested in the portfolio be Xy = 1 and the risk-free
interest rate r = 2%.

We calculate the optimal portfolio strategy with no constraints by (2.2).
Table 2.3 summarizes the optimal strategies for v = 2,3, ..., 10.

13



Ticker | Company Sector

F Ford Motor Consumer Discretionary

KO The Coca-Cola Company | Consumer Staples

XOM | Exxon Mobil Corp. Energy

BAC | Bank of America Corp. Financials

JNJ Johnson & Johnson Health Care

BA Boeing Company Industrials

AAPL | Apple Inc. Information Technology

X United States Steel Corp. | Materials

T AT&T, Inc. Telecommunications Services

SO Southern Co. Utilities

Table 2.1: Assets included in the portfolio.

Name F KO XOM BAC JNJ BA AAPL X T SO
Returns 0.0128 0.1704 0.2457 0.5470 0.1113 0.1879 0.6091 0.0383 0.2988 0.0924
Covariance matrix
F 0.0841 0.0155 0.0286 0.0840 0.0162 0.0347 0.0356 0.0985 0.0167 0.0081
KO 0.0155 0.0187 0.0150 0.0257 0.0101 0.0184 0.0127 0.0310 0.0112 0.0069
XOM 0.0286 0.0150 0.0319 0.0490 0.0146 0.0281 0.0152 0.0566 0.0146 0.0077
BAC 0.0840 0.0257 0.0490 0.2226 0.0288 0.0572 0.0475 0.1676 0.0318 0.0108
JNJ 0.0162 0.0101 0.0146 0.0288 0.0151 0.0173 0.0109 0.0372 0.0106 0.0058
BA 0.0347 0.0184 0.0281 0.0572 0.0173 0.0538 0.0279 0.0713 0.0163 0.0085
AAPL 0.0356 0.0127 0.0152 0.0475 0.0109 0.0279 0.0745 0.0629 0.0079 0.0015
X 0.0985 0.0310 0.0566 0.1676 0.0372 0.0713 0.0629 0.3194 0.0360 0.0108
T 0.0167 0.0112 0.0146 0.0318 0.0106 0.0163 0.0079 0.0360 0.0211 0.0078
SO 0.0081 0.0069 0.0077 0.0108 0.0058 0.0085 0.0015 0.0108 0.0078 0.0132

Table 2.2: Yearly returns and the covariance matrix.

For all values of v, there are five assets in a long position and five assets
in a short position. Interestingly, despite the fact that the Southern Co. has
one of the lowest returns, it is in long position.

1
Note that all portfolio strategies can be written as 8 = —3¢,, where
Y

Brio = ()" (= r1),

i.e. the ratio of the particular assets in the portfolio is equal to (y;, for all .

Let the set of admissible strategies Cy be defined as in (1.6). In such
case, we either invest in a long position or we do not invest at all in the
particular assets. Table 2.4 summarizes the optimal strategies calculated by
(2.3), using A = Cp.

We can see that according to the optimal strategies we only invest in the
assets of Apple and At & T for all levels of 7. Interestingly we do not invest
in the asset Bank of America Corp, even tough it has the second highest

14



¥ F KO XOM BAC JNJ BA AAPL X T SO

2 -3.5767 | -1.2997 | 4.7377 1.2851 -3.5904 | -1.9841 5.7100 | -1.4962 8.6153 0.1696
3 -2.3845 -0.8665 3.1585 0.8567 | -2.3936 -1.3227 | 3.8067 | -0.9974 5.7435 0.1131
4 -1.7884 | -0.6499 2.3689 0.6425 | -1.7952 -0.9920 | 2.8550 | -0.7481 4.3076 0.0848
5 -1.4307 | -0.5199 1.8951 0.5140 | -1.4362 -0.7936 2.2840 | -0.5985 3.4461 0.0678
6 -1.1922 -0.4332 1.5792 0.4284 | -1.1968 -0.6614 1.9033 | -0.4987 2.8718 0.0565
7 -1.0219 -0.3713 1.3536 0.3672 | -1.0258 -0.5669 1.6314 | -0.4275 2.4615 0.0485
8 -0.8942 -0.3249 1.1844 | 0.3213 | -0.8976 -0.4960 1.4275 | -0.3740 2.1538 0.0424
9 -0.7948 -0.2888 1.0528 0.2856 | -0.7979 -0.4409 1.2689 | -0.3325 1.9145 0.0377
10 | -0.7153 -0.2599 0.9475 0.2570 | -0.7181 -0.3968 1.1420 | -0.2992 1.7231 0.0339

Table 2.3: Optimal portfolio strategies with no constraints.

o F KO XOM BAC JNJ BA | AAPL X T SO
2 0 0 0 0 0 0 3.3868 0 5.3479 0
3 0 0 0 0 0 0 2.2579 0 3.5653 0
4 0 0 0 0 0 0 1.6934 0 2.6739 0
5 0 0 0 0 0 0 1.3547 0 2.1392 0
6 0 0 0 0 0 0 1.1289 0 1.7826 0
7 0 0 0 0 0 0 0.9677 0 1.5280 0
8 0 0 0 0 0 0 0.8467 0 1.3370 0
9 0 0 0 0 0 0 0.7526 0 1.1884 0
10 0 0 0 0 0 0 0.6774 0 1.0696 0

Table 2.4: Optimal portfolio strategies for Cy.

return.

Let us now consider the case when the agent is not allowed to borrow
risk-free assets. Then the set of admissible strategies C; is given by (1.7) and
the optimal portfolio strategies are calculated by (2.3), using A = C;. Table
2.5 summarizes the strategies.

o F KO XOM BAC JNJ BA AAPL X T SO

2 -3.7233 | -2.2376 | 4.5477 1.5833 | -6.6516 | -1.3391 5.0073 | -1.1286 7.7835 | -2.8416
3 -2.4757 | -1.4505 3.0402 1.0424 | -4.2996 | -0.9211 3.3692 | -0.7686 5.2256 | -1.7618
4 -1.8520 | -1.0569 2.2864 | 0.7720 | -3.1236 | -0.7122 2.5501 -0.5886 3.9467 | -1.2219
5 -1.4777 | -0.8207 1.8341 0.6097 | -2.4180 | -0.5868 2.0586 | -0.4806 3.1793 | -0.8980
6 -1.2282 | -0.6633 1.5326 0.5015 | -1.9476 | -0.5032 1.7310 | -0.4086 2.6677 | -0.6820
7 -1.0500 | -0.5508 1.3173 0.4242 | -1.6116 | -0.4435 1.4970 | -0.3571 2.3023 | -0.5278
8 -0.9163 | -0.4665 1.1558 0.3663 | -1.3596 | -0.3987 1.3214 | -0.3186 2.0283 | -0.4121
9 -0.8123 | -0.4009 1.0301 0.3212 | -1.1636 | -0.3638 1.1849 | -0.2886 1.8151 -0.3221
10 | -0.7292 | -0.3484 | 0.9296 0.2852 | -1.0068 | -0.3360 1.0757 | -0.2646 1.6446 | -0.2501

Table 2.5: Optimal portfolio strategies for Cj.

We can see that for all levels of 7, the portfolio is constructed from six
assets in short position and the four assets with the highest returns are in
long position.

Finally, let us examine the portfolio strategy when the set of admissible
strategies is represented by C given in (1.8), i.e. short-selling of both risky
and risk-free assets is forbidden. We obtain the optimal portfolio strategy
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from (2.3), using A = C. The results are summarized in Table 2.6 for
different levels of ~.

¥ F KO XOM BAC JNJ BA AAPL X T SO
2 0 0 0 0 0 0 1.0000 0 0 0
3 0 0 0 0.0311 0 0 0.9689 0 0 0
4 0 0 0 0.0567 0 0 0.9433 0 0 0
5 0 0 0 0.0689 0 0 0.9186 0 0.0125 0
6 0 0 0 0.0422 0 0 0.7985 0 0.1593 0
7 0 0 0 0.0231 0 0 0.7127 0 0.2642 0
8 0 0 0 0.0088 0 0 0.6484 0 0.3429 0
9 0 0 0 0 0 0 0.5975 0 0.4025 0
10 0 0 0 0 0 0 0.5542 0 0.4458 0
Table 2.6: Optimal portfolio strategies for C.
The risk aversion v = 2 represents the agent that is less averse, i.e.

considers returns more than risk. There is no surprise that the agent invests
all his wealth in the asset with the highest return, Apple. For v = 3 and
4, the agent is still considered to be risk-favouring, therefore the portfolios
include the two most risky assets, Apple and Bank of America Corp. For
v = 5,6,7 and 8 the portfolio includes an additional asset with the third
highest expected return, AT&T. The most risk averse agent, with v = 9 and
10 constructs the portfolio only from two assets, Apple and AT&T.

For comparison, in Table 2.7 we provide the certainty equivalents for the
unconstrained portfolio and for the portfolio constrained by C.

Cunconstr Cconstr

28.596864 | 1.706843
9.414001 | 1.644938
5.401348 | 1.586408
3.870249 | 1.530487
3.099061 | 1.484235
2.644205 | 1.448436
2.347437 | 1.419052
2.139843 | 1.393897
1.987066 | 1.371557

—
5 © 000Utk w N

Table 2.7: Certainty equivalents calculated by different methods.
We conclude that for all levels of v, the certainty equivalent of the un-

constrained portfolio is significantly higher than the certainty equivalent of
the portfolio constrained by C.
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2.2 Dynamic power utility maximization

The usage of the optimization model with constant-proportion strategies is
reasonable if the agent invests for short term. However, in case of long term
investments, the agent needs to adjust his portfolio strategy to the developing
conditions of the market. Moreover, the agent does not only invest, he might
also consider consuming.

The multi-period model aims to solve the problem of maximizing the
expected utility from consumption and terminal wealth.

2.2.1 Dynamic power utility maximization with no con-
straints

P. A. Samuelson [33] was one of the first economists, who introduced the
lifetime planning of consumption and investment decisions and provided for
a discrete model.

For Samuelson, the point of departure is the Ramsey model. Let X
represent the initial investment in the portfolio that consists of one risky and
one risk-free asset. The income of the agent is generated by the returns on
his portfolio, given in a discrete-time form as

Xipr = [(1 = B)(1+ 1) + B Zi) X,

where f3; represents the proportion invested in the risky asset, r represents
the risk-free interest rate and Z; represents the return on the risky asset. 7,
is a random variable with the probability distribution P(Z; < z) = P(z2)
for z > 0. Moreover, the values of Z; for different times ¢ are mutually
independent, i.e. P(zq, 21, ..., 27) = P(20)P(z1)...P(27).

At every time ¢ € (0,7, the agent has choice to consume k; or reinvest
in his portfolio, choosing the proper portfolio strategy ;. The aim of the
agent is to maximize the expected utility from the consumption. In our case
the terminal wealth is considered to be the last consumption, i.e. X7 = kr.
The aim of the agent is to reach the maximum discounted utility from the
consumption

T
max Z(l +p) U (ky)
" =0

X1
147’

s.t. kt = Xt -

where p is the discount rate, U(.) is a strictly increasing concave utility
function and the second equation represents the consumption constraint.
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Using dynamic stochastic programming, Samuelson constructs the Bell-
man equation and solves the problem backwards. We provide his main con-
clusion,considering the power utility function.

Theorem 1 ([33]). For power utility functions given by (2.1), the optimal
portfolio decision is independent of wealth at each stage and independent of all
consumption-savings decisions, leading to a constant 3*, that is the solution
to

0= /OOO[(l —B)1+7r)+8Z7(Z—-1—-r)dP(2).

Merton [24] confirmes the results of Samuelson [33] for a continuous
model, specifying that the returns on the risky assets follow a Brownian-
motion process. Moreover, while Samuelson provides a two-asset model,
Merton expands it to a multi-asset model.

2.2.2 Dynamic power utility maximization with con-
straints

Nutz [26] develops the power utility maximization problem assuming that
the asset returns follow Lévy processes. In our work, we consider no in-
termediate consumption, therefore the utility is obtained from the terminal
wealth. When using the power utility function, our aim is to find

1—y
max F {XT } : (2.4)
B 11—

where we maximize through all dynamic strategies .

Additionally, Nutz restricts the optimal portfolio strategies by a deter-
ministic set of convex constraints, then (2.4) is solved through the set of
admissible strategies.

First we introduce the Lévy process, then we define the set of determin-
istic constraints, construct the opportunity process, provide the assumptions
and finally we summarize the results in a theorem.

The Lévy Process
Let R be an Révalued Lévy process. Let (b¥ c® FT) represent the Lévy

triplet of R, where b € R? is the drift term, ¢ € R%*? is the nonnegative
definite covariance matrix and F'¥ is the Lévy measure such that

FR} =0 and / min(1, |z|?) F¥(dr) < oo,
Rd
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The Lévy process at time t is represented as
Ry = bt + R + h(w)  (u' —vf7) + (z — h(x)) * 1, (2.5)

where h : R — R is called the truncation function such that A is bounded
and h(r) = z in the neighborhood of = 0. The value uf is associated with
the number of jumps in R, v{* is the compensator of the bigger jumps and
R¢ is the continuous martingale part such that R = ow;, where o € R ig
the volatility matrix satisfying oo’ = ¢ and w, € R? is a Brownian motion.
For further information about the Lévy processes, we refer to [12] and [29].

The portfolio strategy at time ¢ is represented by £, € R? Since the
returns follow the Lévy process, the portfolio X; follows (1.3), using dR;
instead of (udt + odwy).

Deterministic constraints

In this section we restrict the set of optimal strategies.
Let S C R? be the set of constraints imposed on the agent. Then the
set of admissible strategies according to the initial wealth X is

AXo) ={8:X; >0 and [, S forall te€(0,T)}.

In case of fixed X, we simply write A instead of A(Xy) and we optimize

X3
max F [ T ] . (2.6)
BEA 1—7

The set of “compatible” controls is defined for every fixed ¢ € (0,7 as
AB,t) ={ e A:B=p,0n (0t}

By Proposition 3.1. in [28], there exists a unique cadlag semimartingale
L, called the opportunity process such that

1
X,/ =ess sup U(Xr). (2.7)
-7 A(Bt)

Ltl

The opportunity process describes both the value function and the optimal
strategy. If there is an optimal strategy, [27] states that the drift rate of
the opportunity process L satisfies the Bellman equation. Note that in our
settings the opportunity process is deterministic.

To provide the main results, we first need to define a deterministic func-
tion

n(B) =1+ BT(E —rl) — %BTCRB

+ Rd{(l =)L+ AT — (L= )7t = BTh(2)} F R (dx).
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Theorem 2 ([26], Theorem 3.2.). Assume that S is conver and there is no
arbitrage on the market. Then, there exists an optimal strategy  such that
B is a constant vector and s characterized by

B € arg maxn(5) (2.8)

and the opportunity process is given by

L = eV (T—1) ’

where .
1=y
“= ¥ %163%(7](5).

In case of the Brownian motion, function o(.) is given in the form
g
n(B) =r+8"(n—r1) - 878,

In case of no constraints, the optimal strategy can be obtained as

B= 2" u—r1). (2.9)
Y
We conclude that the power utility maximization with deterministic con-
vex constraints leads to a constant vector. Moreover, the optimal portfo-
lio strategy obtained from the power utility maximization with constant-
proportion strategies corresponds to the optimal portfolio strategy obtained
from the much wider dynamic power utility maximization problem.

20



Chapter 3

Portfolio insurance with
guaranteed floor

The main idea of insuring the portfolio against losses is to guarantee a min-
imum return and simultaneously allow the portfolio to participate on the
uprising market. In this chapter we introduce two types of portfolio insur-
ances that guarantee a predefined amount at the terminal date: the option
based portfolio insurance, also known as OBPI and the constant proportion
portfolio insurance, also called CPPI.

To distinguish between the portfolio strategies, let the portfolio strategy
of the uninsured portfolio X be represented by 3 = (8%, 5% ...,89)". We
suppose [ to be constant. Let the strategy of the insured portfolio W be
represented by 6; = (01,62, ....62)T. The floor, the predefined level under
which the investor is not allowed to fall, is denoted by W.

3.1 The option based portfolio insurance

The OBPI strategy consist of a portfolio covered by a put option written on
it. The put option has the same maturity T" as the portfolio and its strike
price W is the predefined floor. The basic overview of OBPI can be found
in [3].
Let the risky portfolio X, invested in d risky assets and a non-risky bond
follow the process
dXy = Xypxdt + Xy oxdwy,

where pxy =+ 8" (p— r) is the drift of the portfolio, ox = \/8Tck3 is the
volatility of the portfolio and w; is a one-dimensional Brownian motion.

Let VP “" he the price of the put option and Vel he the price of the call
option with maturity 7" and strike price W at time ¢ € (0,7"). The value of
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the insured portfolio W, at time ¢ is given as

Wy = X, + VP
_ we—r(T—t) + ‘/tcall
due to the put-call parity. One can see that the value of the insured portfolio
W, is always above the deterministic level We 7T at any time t.
Using the Black-Scholes pricing, the prices of V”** and V¥ at time ¢ can

be calculated as

Vi = We 00 (—dy(W)) — X, @ (—di (W) (3.1)

Vel = Xy® (dy (W) — We ™ T0 (dy( W),

with
In % 4 <r+"7’2<) (T —1)

ox T—1t

dg(w) :dl - O'XvT—t,

dl(m) =

where ®(.) is the standard normal distribution function (see [34]).

Possible difficulties might occur when the desired put option cannot be
found on the market. In such case the put option can be synthesized by a
replication portfolio invested in the risk-free asset and the underlying port-
folio. The replication portfolio should have the same characteristics as the
put option (e.g. the value, payoff and risk).

The replication portfolio at time ¢ can be expressed as

Vi = e Xt + U By, (3.2)

where ¢; = 87t is the so called delta of the option, in other words the
t

sensitivity of the option-value on the value of the underlying portfolio. The
delta of the put option ¢; can be computed as

pr=P(di (W) — 1 (3-3)

and one can easily see that —1 < ¢; < 0, for every t (see [23]).
Then the value of the insured portfolio can be expressed as

W, = X, +Vv™
X+ o Xy + U By
(1 + QOt)Xt + 1/)tBt.
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Because the portfolio weights are calculated as

money invested in the asset i

weight' =
g total money invested

the new portfolio strategy can be expressed as

(1+)B' X,

0; = W,

Subsequently, the portfolio process follows
dWy = Wipwdt + Wiow dw,

where the drift is gy = r + 6/ (u —r1), the volatility is oy = /6 cf0T and
w; 1S a one-dimensional Brownian motion.
The OBPI ensures that the terminal wealth is always over the floor

Wr = Xp 4+ V7
== XT + maX(O, w - XT)
= max(Xp, W).

3.2 Constant proportion portfolio insurance

The CPPI allocates the risky asset dynamically. In our settings the risky
asset is represented by the risky portfolio X¢PP7 that follows the process
(1.3).

First, the agent determines the required minimum value at the terminal
date, the floor Fr = W. The value of the floor at time ¢ is given as

th — we—r(T—t)‘

At each time ¢, the agent calculates the cushion K; that is the excess of
the portfolio value over the floor, i.e.

Kt — WtCPPI . Ft

and determines the exposure E; to the risky portfolio X! as a multiple
of the cushion by a predetermined constant multiplier m

Et = mKt.

Note that when the cushion reaches zero, the exposure also becomes zero
and the entire portfolio is invested in the risk-free asset.
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By Bouyé [6], the value of the CPPI portfolio can be calculated at each

time as
X\ (rfm(rfi)meU—)%)t
VVtCPPI — th +KO (Yt) e 2 2 ]
0

Boulier and Kanniganti [5] provide the expected terminal wealth of the in-
sured portfolio as

E[WgPPI] — w_i_ Koe(v‘-l—m(px—?‘))T'

One can see that the expected terminal wealth is independent of the volatility
of the risky portfolio and it is an increasing function of the multiplier m. The
variance of the strategy can be expressed as

2

Var[Werr! = KgGQ(rer(MXfr))T <€m 02T 1) ‘

The portfolio variance is increasing in both the multiplier and the volatility
of the risky asset.

By Bertrand and Prigent [3], the OBPI is a generalized version of the
CPPI. If the multiplier is allowed to vary, precisely its value is

oprr _ Xi® (di(W))
m = y,Call g

then the OBPI method is equivalent to the CPPI method.
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Chapter 4

Portfolio insurance with
partially guaranteed floor

Both portfolio insurances mentioned in the previous chapter guarantee the
floor with probability one. In this chapter, we allow the portfolio to fall under
the guaranteed floor with a given probability. We provide two insurance
methods, the Value-at-Risk-based risk management, called as VaR-RM and
the Limited-Expected-Losses-based risk management, called as LEL-RM. In
both models, the portfolio process follows the process

dW, = Wi[r + 6, (u — r1)]dt + W0, odw;.

4.1 Value-at-Risk based risk management

In case of insuring the portfolio with a put option, the terminal value Wy
of the portfolio does not fall under the predefined floor, i.e. Wy > W with
the probability of 100%. Now, let us investigate the case of relaxing the
condition

P(Wy>W) =1

and consider instead the probability of falling under the predefined floor to

be less than «, i.e.
PWr>W)>1-a. (4.1)

Inequality (4.1) represents the so-called Value-at-Risk constraint.

The Value-at-Risk based risk management (shortly VaR-RM) is defined
to measure the loss, which is exceeded with some given probability «.

Let VaR(«) represent the loss which is exceeded with some probability
« over a given time horizon T. If we denote the magnitude of the loss as
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Wo — Wy, then
P(Wy — Wr > VaR(a)) = a, a € [0,1],
or equivalently,
PWy—Wr <VaR(a)) =1 —a, a € [0,1]. (4.2)

Since our aim is to keep the loss under VaR(«a), we can define the minimum
terminal wealth W, the so-called “floor”such that the condition

VaR(a) =Wy — W (4.3)

holds. Combining the equations (4.2) and (4.3) we obtain the VaR-constraint
as
PWr>W)>1-a.

Note that for @« = 1 the investor behaves as a benchmark agent, who
does not consider any risk management. If o = 0, the investor behaves as
a portfolio insurer (securing with put options). In such case the terminal
wealth will exceed the “floor” at all states.

4.1.1 Portfolio maximization under the VaR-RM

Our goal is to maximize the expected utility from the terminal wealth un-
der VaR-RM. Let U(.) be any increasing and concave utility function. We
consider the following problem

max E[U(Wr7)] (4.4)
s.t. P(WTZE)Zl—Oé,

where we maximize through all dynamic strategies # and the initial is given
as Wo.

Remark 1. Since we optimize on the complete market, where all possible ter-
minal wealths W can be constructed using the appropriate portfolio strategy
B, the problem (4.4) is equivalent to

rerVaTx E[U(Wr)]

s.t. E[gTWT] S 50W07
PWp>W)>1-a.
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Despite the fact that the VaR-constraint (4.1) violates the concavity of
the problem (4.4), Basak and Shapiro [2] introduce the optimal terminal
wealth at time T as following:

Proposition 1. [/2], Proposition 1.] The optimal wealth of the VaR agent
at time T 1s

I(yér) if &r <, 3
Wyt =¢ W if <& <¢, (4.5)
I(yér) if & <&,

where I(.) is the inverse function of U'(.), £ = %, the value of & is such
that P(ér > &) = a and y > 0 solves E[érWYXE(y)] = &Xo. The VaR-
constraint (4.1) is binding if and only if £ < . Moreover, the Lagrange
multiplier y is decreasing in o, so that y € [yP,y"!] (proof: see [2]).

Remark 2. In case the VaR-constraint (4.1) is not binding, i.e. if
PWr < W) <,

we have § > & and the terminal wealth is determined as of the benchmark
agent, 1.e.
W:yaR = I(yér).

Figure 4.1 illustrates the optimal terminal wealth W}%® depending on
the terminal state price density &7.
The dotted line represents the portfolio insurer, the dashed line represents
the benchmark agent and the full line represents the VaR-RM agent. The
value W is defined as

=
I

I(y¢) if £<¢,
(o ¢ wo

otherwise.

As one can see, the terminal state price density & is divided into three
intervals:

o for {7 < &, the VaR-RM agent acts as the benchmark agent,

o for { <¢r < &, the VaR-RM agent insures the portfolio against losses
as the portfolio insurer,

e for £ < &, the VaR-RM agent leaves the portfolio is uninsured.
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VaR
Wy

< =

Figure 4.1: Optimal terminal wealth of the VaR-RM agent.

The VaR-RM agent controls the probability of the loss. At the state price
densities £ < &7, the probability of loss is high, the insurance is more expen-
sive, therefore the agent chooses to leave the portfolio completely uninsured
at these states.

Note that when & < &7, the loss of the VaR-RM agent is greater than the
loss of the benchmark agent, who did not consider any risk management.

4.1.2 Properties of maximizing under VaR-RM

Let the state price density be log-normal with constant interest rate r, con-
stant market price of risk x and let the utility function be isoelastic, i.e.
|

UW) =

v > 0.

The next proposition introduces the optimal wealth and portfolio strategy
before the horizon T.

1—y

Proposition 2. [/2], Proposition 3.] Assume that U(W') = ! fory >0
-7
and that v and k are constants. Then
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i ) The optimal wealth at time t is given by
VaR
WVaR _ ert .
A =

(y&)

GFXGR

. o _dYaR f . wefr(Tft)cD _dgaR 6
o g )

GFXGR

_(yft)%

where ®(.) is the standard-normal cumulative distribution function, y
s as in Proposition 1 and

+

 (—dy " (€)) — We T 00 (~dy*"(©))

1
é_yw’w
11—~ 15]1? 1—~\ ||l
[Velt — T—t — T—t
’ 2

dy " (x) = dy " () +

1 —

it ) The fraction of wealth invested in stocks is

HVaR o anRB
t - 4t 9

where B 1s the portfolio strateqy of the benchmark agent, calculated by

(2.9) and
v _ | W [@ (<) — @ (i H(E)]
a4t - Wy eR
A (W — W) e @ D¢ (dyR(E))
WYR|s|VT —t ’

where ¢(.) is the standard-normal probability function.

i1t ) The exposure to risky assets relative to the benchmark is bounded below,
namely ¢/ *% > 0 and

lim ¢/ = lim ¢/*f =1
£&—0 &t—00
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(proof: see [2]).

Note that W,V*® is a decreasing function of & for all t € (0,T).

The advantage of focusing on power utility functions is that knowing the
optimal strategy of the benchmark agent, B and the ratio ¢"*%, which can
be calculated from the model settings, one can easily determine the optimal
strategy ) %% of the maximizing problem under VaR-RM at each time t.

4.2 Limited-Expected-Losses based risk man-
agement

As it has been highlighted before, the VaR-RM agent controls only the prob-
ability of the loss that can occur. As a result, at the worst states, i.e. when
Er > &, the terminal wealth of the VaR-RM agent is lower than the termi-
nal wealth of the benchmark agent. Basak and Shapiro [2] suggest another
model of risk management, called the Limited-Expected-Losses based risk
management (shortly LEL-RM), that controls the magnitude of the loss.

LEL-RM controls the present value of the agent’s losses, which is equiv-
alent to the price of the put option against losses. The LEL-RM agent
strives to keep this value under a predefined level ¢ > 0. We define the
LEL-constraint as

Ellr(W — Wr)lgwp<wy)] < e (4.7)

For € = oo, the value of the insurance is not controlled and the LEL-RM
agent acts as the benchmark agent. For e = 0, the LEL-RM agent does not
accept any loss, therefore acts as the portfolio insurer.

4.2.1 Portfolio maximization under the LEL-RM

We replace the VaR-constraint (4.1) with the LEL-constraint (4.7). Let
U(.) be any increasing and concave utility function. Then our maximization
problem takes the following form

max B[U(1W7)] (4.8)
s.t. Elér(W — WT)l{WTSE})] <

where we maximize through all dynamic strategies # and the initial is given
as Wy.
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Remark 3. Just as in the case of the VaR-RM, we optimize on the complete
market, therefore the problem (4.8) is equivalent to the problem

max E[U(Wr)]

Wr

st ElgrWr] < §Wh,
El&r(W = Wr)lgwr<wy)] < e,
The terminal wealth WXL is similar to the terminal wealth W% ob-

tained from the maximization under the VaR-RM in Proposition 1, except
when £, < &p. Proposition 3 summarizes the results:

Proposition 3. [[2], Proposition 4] The optimal wealth of the LEL-RM agent
at time T 1is

I(z:16r) if &r <&,
wket = | w if & <& <t (4.9)
I((z1 — 22)ér) if & <&
! /
where § = v (E), £ = v (w), and (z; > 0,25 > 0) solve the following
—€ 21 21 — %9
system:

{ ElerWEEE (21, 2)] = & Xo, (4.10)

Eler (W= Wi (21, 2)) Liwgot e ep<wy] = € o 22 = 0.

The LEL-constraint (4.7) is binding if and only if ée < &.. Moreover, the
Lagrange multiplier z, is decreasing in €, so that z; € [22,2P1]. It also holds

that z; — zy < 2P (proof: see [2]).

Remark 4. If the LEL-contraint (4.7)_ 1s not binding, then zo = 0, and
the critical values are equal, 1.e. §6 = .. Then the terminal wealth of the
LEL-RM agent is determined as of the benchmark agent, i.e.

Wt = I(z16r).

Figure 4.2 represents the terminal wealth WEFL as a function of the
terminal state price density &r.
Just as in the case of VaR-RM, the dotted line represents the portfolio insurer,
the dashed line represents the benchmark agent and the full line represents
the LEL-RM agent. It is easy to see that the graph can be divided into three
parts:

o for &r < §6, the LEL-RM agent acts as the benchmark agent,
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LEL
Wi

Figure 4.2: Optimal terminal wealth of the LEL-RM agent.

e for §€ < &p < €, the LEL-RM agent insures the portfolio against losses
as the portfolio insurer,

o for £, < &7, the LEL-RM agent partially insures the portfolio against
losses.

Note that in case of the LEL-RM, the loss at £, < &7 is smaller than the loss
of the benchmark agent.

4.2.2 Properties of maximizing under LEL-RM

Just as for the VaR-RM model, we consider the state price density to be
log-normal with constant interest rate r and market price of risk x. Let the
utility function be isoelastic. The next proposition introduces the optimal
wealth and portfolio strategy before the horizon T

1—y

Proposition 4. [/2], Proposition 5.] Assume that U(W') = 1 fory >0
-7
and that v and k are constants. Then
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i ) The optimal wealth at time t is given by

6FtLEL

(Zlft)%

B LEL
ry

LEL _
Wy =

e

§

—€

1

_(Zlft);

[ rpek _ _
| ) - e ()|
L ((21 = 22)&)~

where TFEL = TVl qEEL(g) = dY*R(x), dYFE(x) = dY°R(x) are as in
Proposition 2, (21, z3) are as in Proposition 3 and

o <_deL( )) ~ We T <_d§EL(§€))]

1

§e - le"f’

— 1

£ = T
(21—22)w

it ) The fraction of wealth invested in stocks is

LEL _ (LFLj
t 1t )
where B is calculated by (2.9) and q*F* is given as

o WO (2 (Ca8HE)) - @ ()

t WtLEL

i1 ) The exposure to risky assets relative to the benchmark is bounded below
and above, namely 0 < ¢F#1 <1 and

lim ¢“#% = lim ¢fFf =1
&—0 Et—00

(proof: see [2]).
From 1), one can easily see that WLEEL is a decreasing function of & for

all t € (0, 7).

Just as in the model of the VaR-RM, the advantage of using the power
utility functions is that one can easily determine the optimal portfolio strat-
egy OFFL at each time t by calculating the strategy B of the benchmark agent
and evaluating ¢F* using the LEL-RM settings.
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Chapter 5

Portfolio insurance with a
guaranteed floor in the
constrained model

In this chapter we examine the possibilities to insure the portfolio with op-
tions when short-selling is prohibited for both risky and risk-free assets. First,
we review the dynamic optimal portfolio strategy of the portfolio insured
with OBPI when no constraints are imposed. Then we provide a dynamic
portfolio strategy when constraints apply and show that such strategy is ad-
missible for the OBPI in the constrained model. In addition, we offer an
alternative method to the OBPI in the constrained model and we compare
the two methods through sensitivity analysis.

5.1 Option based portfolio insurance in the
constrained model

Assume that the portfolio X consists of one risk-free bond and d risky assets
with a constant strategy [, hence itself represents a risky asset. From now
on, we denote the risky portfolio X to be one risky asset following the process

dX, = X;[r + B (u — r1)]dt + X, oxduwy, (5.1)

where ox = /[ Tcfi5 is the volatility of the risky asset X and w; is a one-
dimensional Brownian motion.
The stochastic process for the insured portfolio can be described as

AW, = Wilr + 6, (1 — r1)]dt + Wi/ 0] cR0,dw,. (5.2)
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5.1.1 OBPI in the unconstrained model

The portfolio manager aims to maximize the utility from the expected ter-
minal wealth of the insured portfolio

Wy
E|—L .
max L = ’J (5.3)
st.  Wr>W,

where the maximum is taken through all dynamic strategies 6. Note that
in order to avoid immediate arbitrage situations, the floor must satisfy the
condition W < Wye'"', where W, > 0 is the initial amount invested in the
portfolio insured with OBPI.

The option based portfolio insurance is a special case of the VaR-RM
model, therefore according to [2], the following theorem holds:

Theorem 3. The optimal portfolio strategqy for the problem (5.3) is

A 1 - (1+p0) X;

6 —— R1—1 )P
where Xy is given by (5.1), and W, follows (5.2). The fraction of wealth
tnvested in stocks can be expressed as

ét - Qtﬁa (54>

where B 15 the optimal portfolio strategy of the uninsured model without con-
straints (2.4), calculated by (2.9) and

(1 + (,Ot)Xt

W (5.5)

qs =

5.1.2 OBPI in the constrained model

Now, let us consider a portfolio with convex constraints on the portfolio
strategy and simultaneously is insured by a put option. Mathematically, our
model can be written as

Wy
E |+ :
max {1 — 7] (5.6)
s.t. WT Z w,

C={0'>0,i=12..dY 6 <1}
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Theorem 4. Let 3 be the optimal portfolio strateqy for the portfolio with
conver constraints, computed as

N

1
T T R
pr— — 1 _—
B arg max B (p—rl) 276 c"p,

where C is given by (1.8). Let X, follow (5.1) and Wy follow (5.2). Let ¢,
be the delta of the put option calculated by (3.3). Then the portfolio strategy

0y = (1 + 1) B (5.7)

is admissible for problem (5.6).

Proof. The optimal portfolio strategy # for the model with convex constraints
and no insurance satisfies

g>0, fori=1,2,..4d,

> <

=1

N X ,
Since —1 < ¢, <0, >0 fori=1,2,..d and 0 < Wt < 1, then 6! > 0 for
1=1,2,...d and

d d d d
) ~ X N N
D 0= (+e)f o <)) <)y <L
i=1 i=1 ¢ i=1 i=1
Therefore the strategy 6, is admissible for the Problem 5.6. O

Corollary 1. Let the solution@ computed by (2.9) be optimal for the problem
(2.4). In case that the optimal solution B with no constraints on the portfolio
strategy satisfies f* > 0 fori =0, ...,d and Z?Zl B¢ < 1, the portfolio strategy

1 X A
0, = %B is optimal for the Problem (5.0).
t

5.1.3 Optimal distribution of the wealth IV; at time ¢
The portfolio strategy of the OBPI at time ¢ € (0, T) is given as
O = (1+ 1) B—-

At each time t, the agent determines the amount invested in the risky asset

X, according to
W, = Xy + Puty( Xy > W). (5.8)

36



Let the function f;(X;) be the right-handside of (5.8) expressed as

X 2
lni+(r+%) (T —1)

X)) = X,
fulXt) ' ox VT —1
X 2
ant—i—(r—%)(T—t)
+ We T D¢ | ——— (5.9)
ox T—1t

We show that for every wealth W, there exists a unique amount X; invested
in the risky asset.

Proposition 5. At every time t € (0,1, the function f;(X;) is continuous
and increasing in X,. Hence for every given wealth W, > We " T~ there
exists a unique Xy such that Wy = fi(X3).

Proof. Let us first examine the limits, when X; approaches 0 or co. For the
first limit we have

lim f(X;) = We T,

X¢—0

Note that We "It < W, because of the no-arbitrage condition. The second
limit is
lim ft(Xt) = OQ.

XtHOO

The function f;(X}) is continuous, because it is a composition of continuous
functions. The first derivative of f;(X}) is positive for all X;:

Xt 0')2()
In—+(r+—=— )T -1
dfy(X) _ % w ( 2 ( )
dXt ox T—t

>0, VX, >0.

Considering the facts that f,(X;) € (Ee_r(T_t), oo) and f;(X;) is increasing
in X, there exists a unique X; such that W, = f,(X}). d

5.1.4 Expected terminal values

Now, we take a closer look at the expected terminal values, such as the
expected terminal value of the risky asset, the expected terminal utility from
the risky asset, the expected terminal wealth of the insured portfolio, the
expected utility of the terminal wealth and the certainty equivalent.
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The expected terminal value of the risky asset X

The risky asset X follows (5.1). The terminal value of the risky asset can be
expressed by Ito’s lemma as

XT —_ Xoe(r—’—ﬁ-r(”_rl)_%U)%)T—’—UX\/TZ, (510)

where Z is a normally distributed random variable, Z ~ N(0, 1).
The expected terminal value of the risky asset Xr is

1 o T 1 2 2
E[XT] = —/ Xoe(r‘f'ﬁ (M_rl)_EUX)T+UXﬁZ€_%dZ
TJoo
— X el )T (5.11)

Expected utility of the terminal value of the uninsured portfolio

We calculate the expected utility E[U(X7)] from the terminal value of the
risky asset as

X177
BUG) - B|F]
1—
_ 1 X e(rJrﬁT(ufrl)f% U;%)(l*’Y)T‘F(lf’y) UXﬁZG_édZ
\/27‘(‘
Xé_ﬂ/ T 1)) (1—y)T+3 o2 T
- - e(rw (n=r1))(A=NT+37(r—1) o} T (5.12)
-7

The expected terminal value of the insured portfolio

The terminal value of the insured portfolio W, with the floor W is given as
Wr = max(W, Xr),

where X7 is given in (5.10). The condition X7 > W is equivalent to

InsE = [r+ B (u—rl)—$03|T

Z > =M. 5.13

> —y (5.13)
Then the expected terminal value of the portfolio is
EWr| = FEmax(W, Xr)]
= / We = dz
27T
+ / Xoe T+BT(“_TI)_%U?%)T’L”Xﬁze’%dz
M

—  WO(M) + Xoe 5 GDIT(_ N 4 0y VT).  (5.14)
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Expected utility of the terminal wealth

Now, we calculate the expected utility of the terminal value of the insured
portfolio

pwov) = B[]

L—7
where Wp = max( W, Xr). The condition for Xr > W is defined in (5.13).
Then the expected utility from terminal value is calculated as

)

E[UW:)] = E{max(l_v, B

Wi 1 Mo
= T —/ e 2dz

=721 J_n

00 1-
L XO—’ye(T-I-ﬂT(M—rl)—%a)%)(l—w)T-l—(l—y) gxﬁze,éd
V 2 M 1-— Y
1— 1—

= 7<I>(M) + Ao ’ye(TJrﬁT(/‘*Tl))(1*7)T+%'y('yfl)U)Q(T
x®(—M + (1 —7) oxVT). (5.15)

z

Certainty equivalents

The certainty equivalent C'is the amount that yields the same utility as the
uncertain portfolio. The certainty equivalent of the risky asset X can be

calculated as
1
XTI\ T
= 1—~)E | =L
Cx (( 7) {1_7]> ’

is given as in (5.12). The certainty equivalent of the insured

where F [XT_W

1—y
portfolio W can be expressed as

17
Wy
1—y

where E [ ] is given by (5.15).
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5.1.5 Examples
Example - Expected terminal values

Let us now calculate the expected terminal values for both unconstrained
and constrained models, i.e. for problems (5.3) and (5.6), respectively.

We use the following settings: risk-free interest rate r = 2%, parameter
of the utility function v = 5 and initial wealth W, = 1. We determine the ex-
pected returns and the covariance matrix based on data analysis, considering
three risky assets, namely McDonald’s Corp. (MCD), Johnson & Johnson
(JNJ) and Toyota Motor Corporation (TM). We estimate the yearly returns,
volatilities and correlations using the daily data from 4th October 2011 to 2nd
October 2012. The expected yearly returns are u = (0.06626,0.1113,0.1625)

0.02155 0.00825 0.00749
and the covariance matrix is ¢ = | 0.00825 0.01517 0.01190
0.00749 0.01190 0.05011

For simplicity, we use different notations for the unconstrained portfolio.
Let Bu represent the portfolio strategy of the unconstrained problem, cal-
culated by (2.9), and B represent the portfolio strategy of the constrained
problem, calculated by (2.8). Table 5.1 shows the optimal strategies for both
models.

P B B3
&L -0.060424 | 0.962767 | 0.349074
15} 0 0.674372 | 0.325628

Table 5.1: Optimal portfolio strategies of the unconstrained and constrained
portfolios.

The volatilities of the risky assets are oy, = 1/ BLLTCR Bu = 0.164225 for

the unconstrained model and ox = \/BCRB = 0.132058 for the constrained
model. Based on volatility, the unconstrained portfolio is more risky in this
case.

First, we calculate the initial amount invested in the risky asset Xg for
a given initial wealth W,. In Matlab, we use the function ’fsolve’ to find
Xp such that fy(Xo) = Wy. The function fy(Xy) is defined by (5.9), setting
t = 0. We denote Xug and X the initial amounts invested in the risky assets
in the unconstrained and the constrained models, respectively.

Table 5.2 summarizes the initial amounts invested in the risky asset, their
expected terminal values and the expected terminal values of the insured
portfolios for different levels of the floor W.
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XUO

E[ XUT]

E[ W]

Xo

E[X7]

E[Wr]

0.910522
0.892117
0.866556
0.825268
0.788062

1.063017
1.041530
1.011687
0.963485
0.920047

1.096366
1.085379
1.071833
1.053954
1.041803

0.937820
0.922808
0.901545
0.866476
0.834331

1.065853
1.048791
1.024625
0.984769
0.948235

1.094841
1.078094
1.066506
1.050851
1.039994

0.869972
0.856470
0.840987
0.822940
0.812685

1.384379
1.362893
1.338256
1.309536
1.293218

1.402298
1.384375
1.364255
1.341410
1.328734

0.909869
0.898798
0.885945
0.870771
0.862068

1.335708
1.319456
1.300587
1.278312
1.265536

1.346274
1.332459
1.316748
1.298672
1.288541

0.858070
0.847399
0.835757
0.822985
0.816115

1.861110
1.837965
1.812713
1.785013
1.770111

1.869097
1.847246
1.823542
1.797713
1.783897

0.902820
0.894113
0.884517
0.873883
0.868119

1.711942
1.695433
1.677236
1.657072
1.646142

1.716255
1.700557
1.683350
1.664405
1.654193

0.855471
0.848319
0.840829
0.832977
0.828908

4.024423
3.990780
3.955545
3.918607
3.899462

4.025418
3.991900
3.956805
3.920028
3.900971

0.904120
0.898397
0.892356
0.885976
0.882649

3.250888
3.230311
3.208591
3.185648
3.173689

3.251325
3.230812
3.209166
3.186308
3.174396

Table 5.2: Portfolio development for different floors W.

For all T' € {1,3,5,10}, one can see that the higher the floor W is,
the lower the initial amounts invested in the risky assets Xug and X, are.
Equivalently, the higher the required floor is, the more the insurance costs.

Since the unconstrained portfolio has a higher volatility, i.e. ox, > oy,
the initial value invested in the risky asset is lower for the unconstrained
model than for the constrained one, i.e. Xug < Xy. This holds for all levels
of the maturity 7" and all levels of the floor W . Moreover, for all T', the
difference between the initial values X, — Xug grows with the increasing floor

w.

For all levels of the maturity T, the expected terminal values E| Xur] and
E[X7] of the risky assets grow with W.
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When T = 1, for all levels of the floor W, the expected terminal value
of the risky asset is higher for the constrained model, i.e. E[ Xur] < E[X7].
The difference E[X7| — E[ Xur] grows with W. Interestingly, for the other
levels of maturity, T € {3,5, 10} and for all levels of the floor W, the expected
terminal value of the risky asset is higher for the unconstrained model, i.e.
E[Xr| < E[Xur]. Moreover, the difference E| Xuy| — E[Xr] is decreasing
with W.

For all levels of the maturity 7', the expected terminal wealths E[ W]
and E[Wr] are decreasing with W.

For all T', the expected terminal wealth is higher for the unconstrained
model, i.e. E[Wur] > E[Wr]. Moreover, the difference E[Wuyp| — E[Wr]
grows with the floor W.

Naturally, for all levels of the floor W, the expected terminal values of
the risky assets, E[ Xuy| and E[X7| and also the expected terminal wealths
E[Wur] and E[Wr] are increasing with 7.

Now, let us take a look at the certainty equivalents for different levels of
the floor. Table 5.3 summarizes the results.

w Cxu Cx Cxu Cx
0.980 | 1.063275 | 1.062431 || 1.225402 | 1.221527
0.990 | 1.057925 | 1.057235 || 1.217636 | 1.214068

1 1.051013 | 1.050492 || 1.208832 | 1.205582
1.010 | 1.041309 | 1.040983 || 1.198725 | 1.195808
1.015 | 1.034266 | 1.034059 || 1.193069 | 1.190325

T=5 T=10

w Cxu Cx Cxu Cx
0.980 | 1.433902 | 1.424897 || 2.180488 | 2.145512
0.990 | 1.425031 | 1.416477 || 2.169222 | 2.135158

1 1.415372 | 1.407280 || 2.157403 | 2.124260
1.010 | 1.404808 | 1.397188 || 2.144992 | 2.112780
1.015 | 1.399142 | 1.391764 || 2.138553 | 2.106810

Table 5.3: Certainty equivalents for different floors W.

One can notice that for all levels of T, the certainty equivalents Cl,
and Cx are decreasing with the floor W. Also, the certainty equivalents
are higher for the unconstrained model than for the constrained one, i.e.
Cx., > Cx. Moreover, for all T', the difference C'y, — C'x is decreasing with
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W. Naturally, the for all values of W, the certainty equivalents are increasing
with T'.

In this example, we consider the certainty equivalent as the determining
criteria for comparison.

Example - Discrete time

In theory, we consider the portfolio development to be continuous. In reality,
we can control the portfolio performance only at discrete times.

Let us take a look at the terminal wealth of the insured portfolio, com-
paring two different ways of discrete computation.

Let B represent the optimal strategy of the risky asset X. In this case,
we require convex constraints on the portfolio strategy, therefore let B be
calculated by (2.8).

Just as in the previous example, we first calculate the initial amount
invested in the risky asset X for a given initial wealth .

The first method represents the case when the put option is not available
on the market and we have to synthesize it.

At time ¢, we calculate the portfolio strategy 60; by (5.7). The wealth at
time ¢t + At is given by the Ito’s lemma as

Wrons — Wte(”@?(u—rl)—%)ﬂﬂr\/@?fs—’*@tmz’
where Z ~ N(0,1).

If Wyonr > WemT=0420) e calculate X,y a;, representing the new
amount invested in the risky asset. To find Xy a; such that Wiay =
frrat(Xitat), we use the function ’fsolve’ in Matlab (for fiiai(Xiine), see
(5.9)). Because Wi, s is generated randomly at a discrete time, it may hap-
pen that Wiia, < We " T=0+A0) in which case we set X,y a; = 0, investing
only in the risk-free asset till the maturity.

The value Wr represents the terminal wealth of the portfolio insured with
a put option with strike W.

The second method represents the case when the put option is available
on the market. To determine the terminal wealth W, we do not need to
evaluate the portfolio strategy 6; at each time ¢. For the calculated initial
amount Xy we follow the development of the risky asset, where the value
Xiyae is calculated by Ito’s lemma as

Xt+At _ Xte(rJrBT(ufrl)f@)AtJrv BTCRB\/EZ'
We use the same values of the random variable Z as we used for the discrete-
time simulation of W,.
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X7 represents the terminal value of the risky asset. We apply the put
option with strike price W. Therefore the terminal value of the insured
portfolio is

Wr = max(Xp, W).

Note that X7 can also be calculated explicitly

(87 mrt)= 15" ) 7 BT R VT2
XT = X0€ .

However, in order to compare the two methods correctly, we choose to gen-
erate Xr step by step.

Our aim is to show that the terminal wealths of the insured portfolios
calculated in these two different ways are close enough for a well chosen
step-length At, moreover they approach the theoretical value, calculated in
the previous example.

We use the same settings as in the previous example and set the maturity
T =1 and the level of the floor W = 1.

Table 5.4 summarizes the average values of the terminal wealth calculated
by both methods according to the chosen step for 20000 simulations. We
choose the number of steps to be 12 (re-balancing once a month), 52 (re-
balancing once a week), 250 (re-balancing every day, considering that the
number of trading days in one year is 250) and 500 (re-balancing twice a

day).

Number of steps | E[Wr] E[Wr]
12 1.065477 | 1.066522
52 1.064463 | 1.065052
250 1.064994 | 1.065150
500 1.065591 | 1.065669

Table 5.4: Expected terminal wealths of the insured portfolio with a put
option.

As we can see, E[Wy] is higher for all numbers of steps. The distance
between the computed values E[Wy] and E[W] decreases with the number
of steps. For 500 steps, the expected terminal values are approaching the
theoretical value 1.066506.

Using the favorable feature that the expected values calculated by two
different methods are almost the same, we can continue to use the second

method in our further calculations, as it is less time-consuming.
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5.2 Alternative method in the constrained
model

Now, we provide an alternative strategy for the problem (5.6). Denote the
risky asset by Xa with a given constant portfolio strategy fa and let the in-
sured portfolio be represented by Wa with a given dynamic portfolio strategy
Ga;.

Let the set of constraints restrict only the short positions of the risky
assets. Then the set of admissible strategies for (u can be described as
Co={fa">0,i=1,2,...d}. We determine the optimal portfolio strategy

N

fa of the risky asset Xa from (2.8), using S = Ca. The volatility of the risky
asset Xa is ox, = \/ BCLTCR Ba Then Xa follows the process
dXa; = Xay[r + BCLT(,u —rl)]dt + Xa; oxadwy, (5.16)

where w; is a one-dimensional Brownian motion.
The insured portfolio Wa consists of the risky asset Xa and a put option
written on it. Its value at time ¢ can be expressed as

Wa, = Xa, + Va™,

where Vaf“t is the value of the put option at time ¢. Let W be the strike
price of the put option and 7" be the maturity. Because the particular put
option might not be available on the market, we synthesize it.

At time t, the delta of the put option can be calculated as

Xay oz,
In — —= | (T —t
nW+(7"+ 2)( ) 1

OXxa T—t

pay = P

and the candidate for the portfolio strategy is
~ Xat
hy = (14 ¢a —.
e = (1+ par) fa o,
The problem (5.6) requires that the sum of the portfolio weights does not
access the upper bound 1, therefore we define the new portfolio strategy as

A X&t

(1 + goat) &LW% if Zi:l hy <1,
thy = ~ Xa
(1+ par) @Wt .
i SR> L
\ > i It
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Portfolio Wa then follows

d%t = %t[’l" -+ 6}13(/1 — ’I"].)]dt + %t\/ &JCR &det. (517)

Note that since A € Ca, the portfolio strategy th; > 0.
At each time ¢t € (0,7) we determine the amount Xa,; invested in the
risky asset from the equation

Xay o
In — =) (I'—1t
nw—i-(r—l—z)( )

Mt = ft(X&t) = X&tq>

OXa T—1t
X 2
1n%+ (r— ";’) (T —1)
+ We T 0 | -——= (5.18)
OXa T—t

Proposition 6. For allt € (0,T), the function fi( Xa:) is continuous and

increasing in Xa, and hence, for each Wa, > We "T=1  there exists a unique
Xa; such that Wa, = fi( Xay).

The proof is analogous to the Proof of Proposition 5.
Theorem 5. Let Ca = {fa’ >0, i =1,2,...,d} and f(u is calculated by
. 1
T T R
= — 1) — = . 1
fo=argmax fa'(p—rl)— oyl c*fa (5.19)

Let Wa, be the value of the portfolio at time t. For Wa, > We T~ we
define the portfolio strategy Gu; as

(1+ pa,) faie if S Wi <1,

fa, = (5.20)

(1+ par) Ba )V([Zi
i B
where hi = (1 + pa;) Baz )szi and Xa; is a solution of (5.18). If Wag >

We™T, then G is admissible for the problem (5.6) and Wy satisfies (5.17).
Moreover, Wa, > We T for all t > 0 with probability 1.

if >t k> 1,

Proof. First, we show that the portfolio strategy ¢u; is admissible for the
problem (5.6), i.e. ¢ € C for all t € (0,7, where C is defined in (1.8). It
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is clear that t; > 0, since Ba € (u indicates Ba > 0. Moreover, Xa; > 0,
Wa; > 0 and (1 + @a;) > 0.
If

P Xat
t, = (1 —,
e=(1+ (’Oat)ﬁaWat
then we have Z?Zl i < 1. Otherwise, by the definition of @, it holds that
Z?:l 6&% = 1.

Second, we show that the dynamic portfolio strategy &u; guarantees the
floor W. Let { Xas}i<s<r be the solution of (5.16). Then, we have by
definition

Wa, = Xa, + Puty( Xap > W) = We ™79 4 Call,( Xap > W),  (5.21)

where Puts( Xar > W) and Calls( Xar > W) denote the values of the put
and call options on the asset Xa, with maturity 7" and strike price W'.
Qg .
replicates the
a

If Zle h' <1, then the strategy i, = (1 + pay) Ba

portfolio (5.21). In this case, at least We™"("=%) is invested in the risk-free
asset. The remaining part of the portfolio is the value the call option, which
cannot fall below 0.

If Zle h' > 1, then the strategy is expressed as

Xa 1
1 - — o2 | (T —
. nw—l—(r—l—QaXa)( s) BaXas
(1+ @Q)&Xas oxaVI — s Wa,

f, — Wa, _

S h SLh

and replicates the portfolio

Cally( Xag > W) + [We ") 4+ (Call,( Xap > W) — Call,( Xar > W))],

where E represents a level of the floor for which the delta of the call option
with the strike W is

X 1
In W—l—(r+§a)2(a)(T—s)
Xag 1 /T — <
lH,WC,L—l—(’]"—l—é )%a)(T—S) 0Xa, T—s

OXa'V T —s - Z?:l h’ls
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It is clear that E > W and hence Cally( Xa > W) > Cally( Xa > E)
Therefore, in this case we invest a higher amount in the risk-free asset, namely
WeT=5) 4 (Cally( Xar > W) — Call,( Xar > W)). Moreover, the value
of the Calls( Xap > E) cannot fall below 0.

One can conclude that in any case, the strategy ¢, invests at least
We (=t in the risk-free asset and the remaining part of the portfolio does
not fall below 0. Therefore it holds that Wa, > We " T=Y at every time
t > 0 with probability 1. O

5.3 Sensitivity analysis

Let us now examine the portfolio performance of the OPBI in the constrained
model and the portfolio performance of the alternative method for different
settings.

We compare the two methods by changing the values of the risk-free
interest rate r, the parameter of the power utility function =, the floor W
and the expected returns on the risky assets u. We use three risky assets and
one risk-free bond to examine whether one method dominates the other one.

We change only one parameter at the time, the remaining variables are
kept fixed. We set the initial wealth W, = 1 and the covariance matrix as

0.02155 0.00825 0.00749
c® =1 0.00825 0.01517 0.01190 |, based on data analysis.
0.00749 0.01190 0.05011

By default, we set the risk-free interest rate » = 0.02, the power utility
parameter v = 5, the floor W = 1 and the vector of the expected returns
p = (0.06626,0.1113,0.1625), based on data analysis. We investigate all
cases for T'=1and T = 3.

In all our calculations the market is represented by the same random
variable Z ~ N(0, 1).

We approximate the continuous model with a discrete one. Considering
the time complexity of the computation, we divide the time to maturity to
500 subintervals and use 20000 simulations.

First, we compute the optimal portfolio strategies B by (2.8) and Ba by
(5.19). The initial wealth for both methods is equal, given as Way = Wy = 1.
The initial amounts invested in the risky assets, Xy for the OBPI in the
constrained model and Xaq for the alternative method, are obtained from
(5.9) and from (5.18) respectively, using t = 0.

The portfolio strategies # and 6 of the insured models are calculated
by (5.7) and (5.20), respectively. Using Ito’s lemma, the new values of the
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insured portfolios are

o, cBo
W€(T+9t—r(“_’"1)—tTt)(%)"’VGICR@ L7
t )

|/ [/ T p—
t+500
o) o
W (T—i—aa;r('u_rl)_ 3 t>(5€0)+\/ b o/ 5052
Wa,, = = Wae .
500

We determine the new optimal exposures in the risky asset, Xy a; from
(5.9) and Xa;,a¢ from (5.18), using the time ¢ + At. Finally, at time T we
obtain the terminal wealths Wy and Wag.

Once we obtained the values of the terminal wealth for each simulation,
we compare the methods by their certainty equivalents

¢ = (a-e[]) 7 - ey
c = (=98 [F]) = (s e

Sensitivity analysis by changing the risk-free interest rate r

In this section we use three different values of the risk-free interest rate r,
namely r = 1%, 2% and 4%.

Table 5.5 summarizes the certainty equivalents for the different levels of
the interest rate r.

T=1 T=3
r C Ca C Ca
1% | 1.033717 | 1.033929 || 1.154550 | 1.156464
2% | 1.050159 | 1.050284 || 1.204953 | 1.206191
4% | 1.070968 | 1.070909 || 1.258078 | 1.258081

Table 5.5: Certainty equivalents for different levels of r.

One can see that the certainty equivalents of the two methods are very
close to each other. When T" = 1, for the lower risk-free interest rates (r = 1%
and 2%), the alternative method performs better. However for the value of
r = 4%, the OBPI in the constrained model results in a slightly higher
certainty equivalent. When 7' = 3, the alternative method dominates the
OBPI in the constrained model.

One can see that for both T'=1 and T = 3, the certainty equivalents C
and Cua are increasing with r, moreover the difference between the certainty
equivalent decreases with r.
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Sensitivity analysis by changing ~

In our study, we use three different values v, numerically 3, 5 and 8, repre-
senting three different types of absolute risk aversions.Table 5.6 summarizes
the certainty equivalents.

T=1 T=3
v C Ca C Ca
3 | 1.054366 | 1.056546 || 1.236916 | 1.249344
5 | 1.050159 | 1.050284 || 1.204953 | 1.206191
8 | 1.043913 | 1.043865 || 1.165668 | 1.165578

Table 5.6: Certainty equivalents for different values of ~.

One can see that for both T'=1 and T = 3, the certainty equivalents C
and Ca are decreasing with ~.

When T = 1, for the lower levels of the absolute risk-aversion, v = 3
and 5, the alternative method results in higher certainty equivalents, than
the OBPI in constrained models. The opposite result occurs for the most
risk-averse parameter v = 8, i.e. the OBPI in constrained models shows a
slightly higher result.

When T = 3, for all v € {3,5,8} the certainty equivalent Ca of the
alternative method is higher than the certainty equivalent C' of the OBPI
in the constrained model. Moreover, the difference between the certainty
equivalents decreases with .

Sensitivity analysis by changing the floor W

In this section we change the level of the insurance. When T = 1, the
floor can not be higher than Wye'™ = 1.0202. We choose three different
levels of the floor. The level W = 0.98 represents the floor under the initial
investment W, the level W = 1 represents the desire to keep the value of
the terminal wealth at least on the level of the initial investment W, and the
level W = 1.01 represents the floor that is higher than the initial investment
Wy. Table 5.7 shows the results.

For both T = 1 and T' = 3, the certainty equivalents C' and Cua are
decreasing with the floor W. For all levels of the floor W, the certainty
equivalent of the alternative method is higher than the certainty equivalent
of the OBPI in the constrained model, i.e. Ca > C. Moreover, the difference
between the certainty equivalents increases with 7.
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T=1 T=3
w C Ca C Ca
0.98 | 1.062126 | 1.062395 || 1.220557 | 1.222028
1 1.050159 | 1.050284 || 1.204953 | 1.206191
1.01 | 1.040706 | 1.040776 || 1.195318 | 1.196375

Table 5.7: Certainty equivalents for different levels of W.

Sensitivity analysis by changing u

We choose different combinations of y in such way that the different strategies
8 obtained by (2.8) using u, have different ratios between the assets. Table
5.8 shows [ for different settings of pu.

(1) p(L) #(2) p(2) p#(3) p3)
0.06626 0 0.06626 0 0.06626 0

0.11130 | 0.509783 || 0.09000 | 0.338605 || 0.09000 | 0.197966
0.16250 | 0.490217 || 0.16250 | 0.661395 || 0.18000 | 0.802034

Table 5.8: Portfolio strategies using different expected returns pu.

Table 5.9 summarizes the certainty equivalents for different combinations of
1

T=1 T=3
L C Ca C Ca
(1) | 1.050159 | 1.050284 || 1.204953 | 1.206191
1(2) | 1.044167 | 1.044124 || 1.174015 | 1.173824
1(3) | 1.047472 | 1.047426 || 1.191322 | 1.191154

Table 5.9: Certainty equivalents for different combinations of .

For bothT'= 1 and T' = 3, the dominance varies. For u(1), the alternative
method dominates the OBPI in the constrained model, i.e. Ca > C. For
1(2) and p(3), the OBPI in the constrained model dominates the alternative
method, i.e. C' > Ca.

Conclusion of the sensitivity analysis

We see that there is no exact answer whether one should choose the OBPI in
the constrained model or the alternative method. In other words, the OBPI
is not optimal in the constrained model.

51



When changing the interest rate r, the parameter of the absolute risk-
aversion 7y or the expected returns on the risky assets p, none of the methods
dominate the other one. When changing the floor W, in our specific settings,
the alternative method dominates the OBPI in constrained model.
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Chapter 6

Portfolio insurance with a
partially guaranteed floor in
the constrained model

In this chapter we describe the Value-at-Risk based risk management and
the Limited-Expected-Losses based risk management more in detail. For each
risk management strategy, we first derive the critical values and the expected
terminal values. Then we examine whether such a management strategy can
be used in case of short-selling restrictions. Finally, we provide an example
where we calculate the certainty equivalent of the portfolio insured by the
given risk management strategy.

6.1 Value-at-Risk based risk management

According to Proposition 1, the terminal value of the VaR-agent is given as

I(yér) it & <&
wyer — ) w i <& <t
I(yér) if £ <¢r,

/ 177
where y — U (gw) Using the power utility function U(Wr) = If/i > we
obtain B

1 1,5
y=—-W" and  I(yér) = WE &

Py

In order to calculate the expected terminal wealth, we need to determine
the critical values ¢ and ¢ first.
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6.1.1 The critical values ¢ and §

To find the critical values € and &, let us first take a look at the state price
density process given by (1.4). By Ito’s lemma, we can express the terminal
value of the state price density as

Er = goe*(”% lll?)T— IIKII\/TZ7

where Z ~ N(0,1). B
The upper critical value ¢ is given as

P(r> ¢ =a.
Then we can express & as
€ = £y IR IV (@)
Using the power utility function, the lower critical value § is defined as
1
5 = = wi’ya
-y

where y > 0 solves E[&rW)F] = &W.
The inequality defining the lower boundary can be expressed in the fol-
lowing form

§r < &,
goe TR IRIT=IKIVTZ - o ¢
3 1 2
—In=—(r+:z|lr T
I 1 L W LA

IKllv'T

Similarly, the inequality defining the upper boundary is

gT < Ev
506—(“'% &1*)T— l|slVTZ < 506—(7’4'% l|[1*)T— ||H||\/T‘1’71(a),
o) < Z

According to the new boundaries, the terminal wealth is given as

Wee,” if M < Z,
Wyt =< W if & a)<Z<M, (6.1)
WeEne, if Z <o Ya).
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The expected terminal value E[{rWp] consists of three integrals

1 > 1=l g2
E[&rWyet] = \/—2_’/T/M W& e 2dz
1 M 2
+ — Wére 2 dz
\/27r/ e e
e 1 =l 2
+ 16T e 2dz.
m/ e

First we calculate the integral J(a,b, p) in general, using boundaries a and b
and the exponent p

1 b E
J(a,b,p) = \/—2_7r/ <5067(r+%||n||2)Tf||n||ﬁz)p€77dZ

b
= e (redner L / o IRINTpz 2 1
V21 Ja

b
_ 506 (2 s )pr L 1 _ 22420k ||fpz+unu Tp? — ||x|2Tp?
V2T

_ ey lniter L 1

V2r Ja

_ e (PRI g T

z

(= IsIIVTp)? — lIxl|?Tp?
2

dz
bHIsIVTY

e 2dz
V2 /a+ IxllV/Tp

_ e (rr 3T g T
x {@ <b+ HKH\/Tp) s <a+ Hnuﬁp)} .

Now, the value E[{7Wr] can be calculated as

1 —1
Eler Wy = wet (M, o, ”T)

+ WJ(® M1)
v—1
Wt ( )
v
1L = 177, k|2 -1
:Eé? T+57 | ||T{1 @(M 8l HRH\/T)

+O (Cbl(a) ol ymuﬁ)]
+ Weoe [@ (M + KIVT) - @ (@7 (a) + [IK]IVT)] .
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We calculate § numerically from
Egr Wy — &Wo = 0.
Proposition 7. There exists a unique § such that
E[gr W] = §Wo =0
holds.
Proof. First, we define the function

F(§) = E[&rWr] - &Wo

= Wl TR
£
e —lng;o—(r—i-%HﬁHQ)T

v—1
+ K \/T
VT S [l

iy (cp—l(a) + 1 ! H/@H\/T)]
—In g — (r+3s)T

|&]vVT
@ (®(a) + ||| VT)]

+ Wee T | @ + ||&|VT

- §Wo.
The first derivative of F' is
dF(§) 1 e I Y
= = _waf vy e 2+2
d¢ y—= 0

1H§O +(r+ s T

|&[|v/T
4P (qu(a) + 1 ! ||n||ﬁ)]

TSy wpr
IsvT

£ 1,2 1=y 2 2
1 (e (i) e 57 i)
e 2[IxI2T

v—1
i IslVT

2
1 1 (ln%+rT7% HNHQT)
e 2|[&[I2T




Using the fact that

£ 102) e 1=y 2>2 (i 1 2>2
_(m §O+(r+2unu )T+ S llsl2T In g +rT— 4 [Is2T

e 21l 2T = ¢ %50% ST IsIPT ~ S IwI2T
- (6.2)
we show that the sum of the second and the third addends is zero:
1 1 (ln %+TT—% HN\FT)Q
IT+ 111 = Mé’l&]e’” - 2TR1%T

IRIVT V2

—L 1 1— 'y 2 _1 y—1 2
f f 3T + ||| Tgf;gO e ,YTT+ vl [|&||*T _1
= 0.

Hence the first derivative is positive

dF(f) 1 1y 2L —rTJr _W ||&]|2T
2 = W e
d§ y—2 0
£
lné;o—l—(r—l—%H/ﬁHQ)T_ 1||H||\/T
|&[|v/T
1
+<I>(<I>_1(oz)+7 HRH\/T)]
> 0.

The function F'(§) is increasing, hence there exists a unique & such that

E[§TWT] — foW() =0.

6.1.2 Expected terminal values

Once we evaluated the critical values & and &, we can also calculate the

VaR\1—vy
expected terminal wealth E[W} %] and the expected utility F {({7)]
-7

from the terminal wealth, where W *f is given in (6.1).
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Expected terminal wealth

In case the VaR-constraint (4.1) holds, the expected terminal wealth is

1 o0 1 L2
Bt = o= [ welg e Fa:

. /M We2d
+ —= We 2az
V2T Jo-1(a)
1 <I>_1(a) . 1 2
+ — W e 2dz
21 J—so -

=
<
N
+

v |R

Qw‘t
E3
S
S

§
- —lné;o— (r—i—%H/ﬁHQ)T
|&(lVT

Iy (cp—l(a) - % ||n||ﬁ)}

—InE - (r+Ls)?) T

Is[lVT

1
— —|slIVT
v

+ W P

—

In case the VaR-constraint (4.1) does not hold, the expected terminal wealth
1s

EWYeR) = — WETe, e dz
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Expected utility from the terminal wealth

In case the VaR-constraint (4.1) holds, the expected utility from the terminal
wealth of the VaR-RM agent is

Wf fT ) ,Z;

\/271'/ -7
W1 T2

E[U(Wy )] =

o e

1 / (a)(wé;fTUﬂ -5
\/ﬁ 1_ e V4

Y
1—~ 1y - o
ey { (M,oo,7 1)+J(—oo,<1>_1(a)77_1)}
L—v~= g

Wi
—  J(®! M. 0
+1_’}/( (O{), 7)
V[/l’y 17~/7—117T+17K2T
1_7§ & [1%]
£ 1 2
—ln;—(r+—||f£||)T v —1
x |1-® 0 2 + k|| VT
||H||\/T vy
—1
+<1>(c1>—1(04)+7 H/@H\/T)]
Wi —lns—(r+isD)T
i o & (r+ 3 ll=[?) .
et ||k|[VT

In case the VaR-constraint does not hold, the expected utility from the ter-
minal wealth of the VaR-RM agent is

1 El"f 1—y 2=1

E[U(WT"/aRﬂ: \/ﬂ 1_ 5 gT e de
VVI_7 1-v —1
= — STJ(—w,m,L)
IL—nv~= Y
W' a2 oy g e
:1—7§”50”e7 T IR
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6.1.3 VaR-RM in the constrained model

Basak and Shapiro [2] derived the VaR-RM model for the portfolio with
no strategy constraints. We show that when the portfolio strategy is con-
strained, the VaR-RM is not admissible.

Let C be the set of all admissible portfolio strategies where short-selling
is prohibited and the agent is not allowed to borrow risk-free bonds or cash
to finance the purchase of further risky assets:

d
C={0">0,i=12..d)Y 6 <1}
1

Using the power utility function, we can define the VaR-RM problem in the
constrained model as

(wyery =
L =7 }
st.  PWYR>W)>1-a,

max E { (6.3)

QVaR

d
C={(0/") >0,i=12..d> (0" <1,Vte (0,7}
1

with a given initial W.
Theorem 6. Let 0)*f represent the portfolio strategy of the VAR-RM agent.
For any 0Y°R, the sum exceeds one, i.e.

d

Z(Qt\/aR)i > ]_7

i=1
with positive probability. Hence the strategy 0Y %% is not admissible for the
problem (6.3).
Proof. The part ii) of Proposition 2 states that the portfolio strategy of the
VaR-RM agent can be calculated as
ez/aR — ql}/aRB7
where B is the portfolio strategy of the benchmark agent calculated by (2.9)
and
We ™™D (0(—dy**(€)) — B(—dy**(€)))
V[/tVaR
YW — W)e"T=D(dy *())
WYl ||kl VT —t
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By the part iii) of Proposition 2, ¢/*® > 0.

In case there exists at least one i € {1,2,...,d} such that B < 0, the
VaR-RM strategy is not admissible because (§V%)! ¢ C. Let us assume that
Bi>0foralli=1,2,..,d.

When the time approaches the maturity and & = &, we have

lim
t—T qt

—OO.

Hence for every H > 0 there exist a time ¢ such that ¢, > H. Let H be
defined as

1
H=——r
2z B
then ]
S = Y
i=1
The strategy Y is not admissible for the problem (6.3). O

6.1.4 Example - Expected terminal values

We calculate the value of the expected terminal wealth and the certainty
equivalent for the portfolio with no constraints using the VaR-RM.

We use the same settings as in Section 5.1.5. We set the initial state price
density & = 1 and the probability of falling under the floor av = 0.05.

First, we evaluate the critical values using the function ’fsolve’ in Matlab.
The upper critical value is identical for all levels of the floor. Table 6.1 shows
both the upper and the lower critical values for different levels of the floor.

w § £
0.980 | 2.700685 | 1.461108
0.990 | 2.700685 | 1.362692

1 2.700685 | 1.267172
1.010 | 2.700685 | 1.174205
1.015 | 2.700685 | 1.128622

Table 6.1: Critical values of the state price density for different levels of the
floor.

We can see that ¢ is decreasing with the level of floor.

Table 6.2 summarizes the expected terminal values and the certainty
equivalents of the portfolios insured with VaR-RM for different levels of the
floor.
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w E[WZ\{aR] CVaR
0.980 | 1.157530 | 1.089074
0.990 | 1.155156 | 1.088262

1 1.152462 | 1.087253
1.010 | 1.149427 | 1.086015
1.015 | 1.147785 | 1.085303

Table 6.2: Expected terminal values and certainty equivalents of the VaR-
RM agent for different levels of the floor.

We conclude that both the expected terminal value and the certainty
equivalent are decreasing with the floor.

6.2 Limited-Expected-Losses based risk man-
agement

According to Proposition 3, the terminal wealth of the LEL-RM agent is
given as

I(z1r) it &r<g,
WrPt =93 W if ¢ <& <i,
I((z1 — 22)¢r) if & <&r

For the power utility function, the parameters z; and z; — 25 are given as

= ! and 2] — 29 = !
Tew LT e
Therefore
1 _1 _1 _1
I(z187) = WE & and  I((21 — 22)6r) = WE &7

To calculate the expected terminal wealth and the utility from the termi-
nal wealth, we first derive the critical values § and &..

6.2.1 The critical values &, and &

Let the terminal value of the state price density be expressed as

Er = foe’(”% lll?)T— HKH\/TZ7
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where Z ~ N(0,1).
Similarly, as in the model of VaR-RM, the inequality constraint defining
the upper boundary can be expressed as

gT < 667
_ ~In& — (r4 k|2 T
ey BB DT
IKllvT
and the lower boundary is
gT < ga

é —€
- —Ing — (r+3s*)T
I%lvT

Then the terminal wealth WP can be then expressed as

M( Z.

wete, it M(¢) < 7,
Wrtt=¢ W it M(E)<Z<M(E,
WEET i Z<M(E)

Considering that z, # 0, we calculate &, from the second equation of
(4.10), namely

E {& (W — WP (21, 20)) 1{W%EL(z1,z2)gw}] =€

Since Wi is a decreasing function of &7 and W —WEPY = 0 on the interval
M(E,) < Z < M(€), the condition WEFL < W implies that we only use

e

WEEL for Z < M(£,). Then

§T<_—EE§§T ) _ ]

{Z<M ()}
=W [J (o0, M(E,),1) — Ee%‘] (_M’M(ge)’%)}
= We&e D (M(&) + [IslIVT )

2=

e=F

= T CL T - -1

We determine the unique &, numerically from (6.4).
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Proposition 8. There exists a unique €, such that

FE ] —e=0.
{Z<M (&)}

& (w - Mfsﬁ)

Proof. First, we define the function

§r (E—Eggf;w) ] — €
{Z<M ()}

—Inf — (r+Lsl®)T
o 2
+ ||k|[VT
I%lvVT

=1 1- 1—
T ST slPT

— WEE e
—lng —(r+3&l)T

Is|lVT

Fe(ge) =F

—1
+ 77 |K|[VT

— €.

The first derivative of F,(¢,) is

3 1 2
S€ — =
<1n 5 +rT—5 (A]] T)

1 1

. )
— € = —W . e—TT L, L
ag, S T Var
_ l WEI_T’Yé'(:%Iel_TWTTH»;—; lllI2T
ﬁ)/_ €
—Ing— (P 5sI)T 4 -1 VT
Ik|[VT 5
b WET LT TR NPT
1 L (mEe (g5t )
% 2||s|12T

—ei
|&||VT V27
Using ¢, instead of £ in (6.2) we show that the sum of the first and the third
addends is zero:

g 1L pn2g)>
(ln TSTT7§ 1=l T)

2||x[2T

1 1 _
—€
|&|VT V27
1 1 4 1— __1 1 1 —1
L1 gy A TR NPT g xR TS IPT

= 0.

[+1IT = WE ‘e "

64



Hence, the first derivative is negative

dF I 1 1y -1 P LT el A TIT)
©)_ Ly g o
g, g
(kD) T 1
&btz bl) ISV
[Evas
< 0.

‘The negative first derivative indicates that F( EG_) is a decreasmg function
of &, hence there exists a unique &, such that F.(&,) =
O

We calculate the lower critical value £ from the first equation of (4.10),
using the fixed &, obtained from the second equation of (4.10):

§oWo = E[fTWTLEL]

= | &7 (M0 =) + € (oo h(60, 7 )]
+ W7 (M(E), M(£).1)
e ta)

— wg(:%lel%ﬂ%g”““% |:§w (1 - (M(ge) +
+ Weee™™ [@ (M(E) + [KIVT) =@ (M(E) + IKIVT) | (65)

rE® (ME) + T2 IWIVT)|

We calculate { numerically from (6.5).

Proposition 9. There exists a unique ée such that

E[erWiPH = &Wo = 0.

The proof is analogous to the Proof of Proposition 7, using M( €,) instead of
() and M(¢ ) instead of M.
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6.2.2 Expected terminal values

Once we determined the critical values £ and €., we can calculate the ex-

pected terminal values. Using ¢ instead of & M(&,) instead of ®~!(a) and
M( fe) instead of M, we derive them in the analogous way as the expected
terminal values for the VaR-RM model. Hence we only provide the final
formulas.

Expected terminal wealth

In case the LEL-constraint (4.7) holds, the expected terminal wealth of the
LEL-RM agent is

E[Wrt] = WE,

1 1
T orr TR NPT

ln & (r+2sl®)T

1 1
X | |1—® & — 2 &|VT
“ wIVT Il

—1—5%@ —ln% —(r+3l&I»)T
‘ IsllvT
—(r+3l&1»)T
Ik lvT

—In & — (r 4 L[R2 T

Is[lVT

1
=~ lslvT
gl

—1In

o,
A |Im

+ WP

In case the LEL-constraint (4.7) does not hold, the expected terminal wealth
of the LEL-RM agent is

1 1 o+l 2
B W] = W e e M
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Expected utility from the terminal wealth

Using the power utility function, the expected utility from the terminal
wealth when (4.7) holds is

i 1— 1—
_ W 2 e g e

Bl = g
g 1 2
1=y —InzE—(r+5k*)T -1
x |7 [1-@ = = + IxIvVT
B IslVT g
i [ =Inee— (r4 L) T —1
&o 2 2
+ £ + k|VT
5 R Ll
S
. Wi o —Ing — (7‘ + % ||f<;||2) T
1= Is[lvT

—ln% — (7"+ % |]/<c|]2) T
|l&[lvT

The expected utility from the terminal wealth of the LEL-RM agent when
(4.7) does not hold is

~y—1

EI_W 1-v =y ey 120 1k)2T
BUVE] = 1= €767 €7 T

6.2.3 LEL-RM in the constrained model

Basak and Shapiro [2] derived the LEL-RM model when there are no con-
straints imposed on the portfolio strategy. Let us now examine the case when
constraints are required.

Let C represent the set of admissible strategies of the LEL-RM agent
such that the short-selling of both risky and risk-free assets is prohibited

d
C={0">0,i=12..dY 60 <1}.
1

Using the power utility function, let us define the LEL-RM problem in the
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constrained model as

] 06)

st.  PWEFE>W)>1—a,

d
C={(O/"") >0,i=1,2.dY (6/"") <1,vte(0,T)},
1

with a given initial Wy. The part i) of Proposition 4 defines the optimal
portfolio strategy of the LEL-RM agent as

HLEL LELB

and the part 4ii) of Proposition 4 states that 0 < ¢FFF < 1.

Corollary 2. Let the optimal portfolio strategy B of the benchmark agent be
calculated by (2.9). In case that ° >0 fori=1,...d and Y.*, " < 1, the
portfolio strategy of the LEL-RM agent (OFFF) s optzmal for the problem

(6.6).

6.2.4 Example - Expected terminal values

Let us now calculate the expected terminal values for different levels of the
floor. We use the same settings as in the section 5.1.5, additionally we set
the initial state price density {&x = 1 and € = 0.05.

Using the function ’fsolve’ in Matlab, we calculate the upper critical value
€. Then, using ¢, we calculate the lower critical value 5 Table 6.3 sum-
marizes the critical values for different levels of the floor.

w § €
0.980 | 1.496211 | 1.496211
0.990 | 1.505954 | 1.482543

1 1.515625 | 1.352968
1.010 | 1.525227 | 1.225192
1.015 | 1.530001 | 1.161579

Table 6.3: Critical values of the state price density for different levels of the
floor.

We see that for the floor W = 0.98, the LEL-constraint (4.7) is not
binding. Also, the upper critical value &, is increasing with W, while the
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lower critical value éﬁ is decreasing with W. Therefore the middle interval
increases with the floor.

Let us now take a look at the expected terminal wealth and the certainty
equivalent for different levels of the floor. Table 6.4 summarizes the results.

w E[W%EL] CLEL
0.980 | 1.174179 | 1.097621
0.990 | 1.166543 | 1.091353

1 1.160454 | 1.091032
1.010 | 1.153498 | 1.090171
1.015 | 1.149639 | 1.089507

Table 6.4: Expected terminal values and certainty equivalents of the LEL-
RM agent for different levels of the floor.

As we can see, both the expected terminal value and certainty equivalent
are decreasing with the floor W.
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Chapter 7

Portfolio insurance with
spreads

The Value-at-Risk based risk management was developed for portfolios with
no constraints on the portfolio strategy. In the previous chapter, we showed
that such a strategy is useless when constraints, such as restricting the short
selling of all risky or risk-free assets, are required. Insuring the portfolio with
a put spread can eliminate this problem.

According to the VaR~constraint

P(Wr>W)>1-a,
we adjust our strategy in a following way:

e in case the risky asset Xr satisfies the condition, we do not insure the
portfolio at all,

e in case the risky asset X7 does not satisfy the condition, we modify the
portfolio by buying a put option with the strike price W and selling a
put option with strike price W such that P(Xy > W) =1 — a.

Formally, we can express the above strategy as

W_{ X + Put(Xp > W) — Put(Xp > W) if P(Xp > W) <1—a,

p% it P(Xp>W)>1—a ')

According to this strategy, we leave the worst a% cases uninsured. Figure
7.1 depicts the payoff diagram of (7.1).
Let us now take a closer look at the condition

P(Xr>W)>1-a. (7.2)
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Figure 7.1: Payoff diagram of the strategy (7.1).

Using the fact that X7 is given by (5.10), we can express (7.2) as
P (Xoe(r-l—ﬁT(M—Tl)—%U)Q()T-FUX\/TZ > W) >1—aq,
from which we obtain
Xoe(r—l—ﬂT(,u,—rl)—% U)Q()T— ox VT®~1(1—0) > .
For simplicity, we use the following notation
1
= (r—l—BT(u—Tl)—éa)%)T— ox VT 1 — a), (7.3)

hence the above condition can be written as

W < Xge'.

Since W is defined by the condition P(X7 > W) = 1 — a, by analogy we
obtain that W = Xoel'. Therefore, the condition (7.2) can be expressed as

W<

=<

Now, we can reformulate the strategy (7.1) to be W; = ¢;(X;), where

X + Puty(Xp > W) — Puty(Xp > W) if W< W,
#X)=19 x T W W

and the values of the put options are calculated according to X = X;.

(7.4)

=
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In case that W < W, the put options can be synthesized as

W, = X,+ Puty(Xr > W) — Puty(Xr > W)
= Xi+ (W) Xy + (W) By — oo( W) Xy — (W) By
- [1"‘%(&) — pi( W)] Xi + [0e(W) = (W) By,

where ¢ (W) = ®(di(WW)) — 1 is the delta of the option with strike W

and ¢ (W) = ®(d;(W)) — 1 is the delta of the option with strike W. The

difference ¢, (W) — ¢, (W) is called the hedging ratio.

Note that is case wh:en W > W, it holds that W; = X;. Let us now
define the new portfolio strategy as

Wi

5 i (7.5)

0 =

==

{[Hsot(msot(m]ﬁixt "

<<
VA

Then the portfolio process follows

AW, = Wir + 0, (u — r1)]dt + W0, odw;.

7.1 Portfolio insurance with spreads in the
unconstrained models

We investigate the problem

W
E |+ :
max L = V} (7.6)

st. PWp>W)>1-a.

In this case, there are no constraints required on the portfolio strategy.

Theorem 7. LetB be the optimal portfolio strateqy, computed by (2.9). Then
the portfolio strategy defined by

[ (W) = (W) ] B

A~ Wt
B

guarantees that P(WWp > W) > 1 — a.

==
VA
S =

The proof is clear from the derivation of the strategy.
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7.2 Portfolio insurance with spreads in the
constrained models

We investigate the problem

1—y
max E [WT ] (7.8)
9 11—
st. PWr>W)>1-a,
C={0">0,i=12.d>» ¢<1}.
We provide an admissible solution for the problem (7.8) in the following
theorem.

Theorem 8. LetB be the optimal portfolio strategy with convexr constraints,
computed by

. 1
§ = argmax Bl(pw—r1)— évﬁTcRﬁ, (7.9)

where C is defined as in problem (7.8). Then the portfolio strategy

. [1+w(ﬂ);§t(ﬁ)]ﬁxt if W< W,
if W>W

~

is admissible for the problem (7.8).

Proof. Since 3 is calculated by (7.9), it holds that Bi>0fori=1,..,dand
Z?Zl B < 1. In case when W < W, the hedging ratio is

(W) —o(W) = &(di(W)) =1 = @(di(W)) + 1 = &(dy (W) — ®(dr(W)).

It can easily be shown that

—1 < &(dy (W) — D(dy (W) <0 and o<%<1.

Therefore the vector 6, satisfies

Lol W) — @ (W)] BX,
0 = W > 0.
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Now, we show that S0 6 < 1

Zez’ = Z [1+ (W) — o W)] B1E

IN

d A
27
<1

~

In case when W > W, 6, = (3 is admissible for the problem (7.8).
O

7.3 Optimal distribution of the initial wealth
Wy

Since we are interested in the behavior at the initial ¢ = 0, we use the notation
X = Xj in (7.4) and take a closer look at go(Xo) when W < W:

0(Xo) = Xo+ We T (—dy(W)) = Xo®(—di (W)
— We T d(—dy( W) + Xo®(—dr(W)).

We show that both di(W) and dy( W) are independent of Xy. Using (7.3),
we obtain

0 X _
l X0€F
Therefore
) o3
d(W)—lnX_KOJF(TJF%X)T—_FJF rt )T
N ox /T N ox /T
and )
o? r I\ 7
d(W)_lnX—KOjL(T—TX)T_— +{r—=
n= ox VT B ox VT '

The values d; (W) and do(JW) both depend on X, therefore we express them
in full form to explicitly show the dependency of go(Xo) on Xy. Then, for
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W < W our function takes the following form
In % + <7‘ — %’%) T
Jx\/T

X %
InXo 4 <7" + TX) T

— X0 | ——— — X eTTP (—dy( W
0 O'X\/T 0 ( 2(:))

g0(Xo) = Xo + We o

+ Xo® (—di (W)

g+ (r+ )T
Ux\/T

+We ™d _1H% i <T _ %2() !
T Uxﬁ

- X, |® — " TTD(—dy( W) + B(—di (W)

(7.10)

Proposition 10. The function go(Xo) in (7.4) is a continuous function of
Xo at time t = 0. Moreover, the following limit holds

: _ —rT
)grgo go(Xo) = We ™.

Proof. In case W > W, the function go(X) is linear and hence continuous.
Otherwise go(X) is constructed from elementary functions, therefore is con-
tinuous. We show the continuity in case when W = W: the put options
have equal values, i.e. Puto(Xy > W) = Puto(Xy > W) and therefore
go(X) = X.

In case Xo — 0, we have W = Xpe!' — 0, which implies W < W, so we

can determine the limit from (7.10) as
: _ —rT
A, o(Xo) = We™.
]

Note that We™" < W,, otherwise the portfolio W could not be insured
with a put option with strike W.

Proposition 11. For every given initial wealth Wy > We™™T, there exists a
unique initial amount Xy invested in the risky asset such that Wy = go(Xo).
Namely,

: -r
X, = { Wo Zf Wy > We™, (711)

determined from (7.10) if Wy < We ™.
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Proof. To investigate the behavior of go(.), we calculate its derivative in case
when W < W:

IR g (W) 1+ By (1)) — ()

= (W) + ®(—di (W) — e " P(—dy( W)).

The function go(X() has at most one local extreme on the interval (O, Eefr),
precisely when the first derivative equals zero:

(s (W) + D(—dy (W) — 77D (~da( IV)) = 0.

Let us denote
k=" "To(—dy( W) — d(—d (W)).

If £ ¢ (0,1), the function go(Xo) does not attain its extreme on (O, Ee’r),
otherwise the extreme can be expressed as
2
. -1 —\r X
Xy eV (+ : )T‘
Let us now take a look at the derivatives at Xy, — 0 and Xy = We™'. The
derivative at Xy — 0 is

dgo(Xo)

X = O(=dy (W) — T (—dy( W)

XOA)O

The derivative at Xg = We™' is
Y lnm&_r—i-(r—i—%%)T
Xo:we*F Jx\/T

0'2 0'2
B e T
UX\/T UX\/T
—r+<r+"7§>T
Ux\/T

o L —rT—XT T [ —rT+ T
UX\/T UX\/T

L g (LT ST
Ux\/T

dgo(Xo)
dX,

= 1-d(-
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We investigate 3 possible cases:

1. Wo > We ™ > We:

In this case I'—=rT > 0. Near X, = 0, the derivative of go(.) is negative,
that means gy(.) is decreasing near zero. Approaching We™', we are
not able to tell whether go(.) is increasing or decreasing.

In case when (7.10) attains the extreme value (the local minimum) on
(0, We™), go(.) is increasing around We™". If (7.10) does not attain
its extreme on (0, We™), go(.) is decreasing around We . Figure
7.2 plots the possible cases.

w

Wo
me—rT
wer

We T X We T X

Figure 7.2: The case of Wy > We™™ > We ™.

In both cases, (7.10) remains lower than W, on the entire interval of
(0, We™"). Therefore, the equality Wy = go(Xo) holds only if Xy =
W.

- Wo > We™ > We ™

In this case I' — rT" < 0. We are not able to tell whether go(.) is
increasing or decreasing near X, = 0. The derivative at We™l is
positive, therefore go(.) increases there. Figure 7.3 shows the possible

behaviors of the strategy (7.4).

In case when gy(.) attains the extreme value (the local minimum), it de-
scends around 0, otherwise increases around 0. In both cases, (7.10) re-
mains under Wy on (0, EG*F) and therefore the equality Wy = go(Xo)
can hold only if Xy = Wj.

We ' >Wy > We™T:

Similar to the previous case, we have I' — rT" < 0. Therefore, the
behavior of (7.10) is the same as in the previous case. Figure 7.4 shows
the possible behaviors of the strategy (7.4).
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w1

w

Wo
We ™
WefrT

Figure 7.3: The case of Wy > We™' > We™7.

W A

Figure 7.4: The case of We™ > W, > We "7,

Since W, < We™", we have that X, must be the solution of W, =
QO(XO)-

O

As we mentioned before, the initial wealth must be greater than the
discounted value of the floor, i.e. We™" < W,. In order to apply the
insurance with the spreads, the initial wealth is bounded above, i.e. Wy <
We™'. Combining the two conditions,

We™ < We™,
1
—rT < —rT — (BT(,u —rl) — 5 0)2()) T+ oxVT® (1 —a),

ox® 1 —a) \°
h= (/m—rl)—éa)%) |

Remark 5. The insurance with spreads is not applicable in case when the
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maturity 1s

ox® 11 —a) \°
7.4 Optimal distribution of the wealth W, at

time ¢

To take a look at the optimal distribution of the wealth W, at time ¢, we
consider the case when W < W.

Taking in account the fact that the auxiliary floor W depends on Xy, we
determine the initial amount invested in the risky asset Xy from (7.10). At
time ¢, the value of W is already given, hence we rewrite (7.10) as

In &t <7‘—0—’2(> (T —t)
a(Xy) = Xi +We T D [ — = -

ox T—1
o ln%+<r+"—§)(T—t)
! ox T—1t
W —r(T-t) @ ln% i <T B UTX) (T_t)
— 6 — —
— O'XvT—t
In % 4 <r+"7’2<) (T —1)
+ X0 | -——= . (7.13)
ox T—1t

Proposition 12. At every time t € (0,T), the function g,(X;) given in
(7.13) is increasing and hence there exists a unique X; for every given W,
such that Wy, = g,(Xy). Moreover, W, > (W — g)e*’”(T*t) for allt € (0,T).

Proof. Let us first take a look at ¢;(X;) in cases when X; approaches 0 and

[0, 0N
lim g,(X;) = (W — W)e T,
XtA)O I
lim ¢,(X;) = oo.
XtHOO

The first derivative of g;(X;) is positive:

dgt(Xt)
dX;

= 1+ ®(d(W)) —1-0(d(W)) +1
= 1+ Q(di(W)) — (di(W)) >0,
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based on the fact that 1 — ®(d, (1)) > 0.
The function g(X;) : (0,00) = (W — W)e "7 00) is increasing,
hence there exists a unique X; such that W; = ¢,(X;). O

7.5 Expected terminal values

As in the case of the option based portfolio insurance, we evaluate the ex-
pected terminal value of the insured portfolio and the expected utility from
the terminal wealth.

The expected terminal value of the insured portfolio

Let us now derive the expected terminal value of the insured portfolio E[Wr|
when W < W. The terminal value is given as

Wr = Xr +max(W — X7,0) — max(W — Xr,0).

One can express Wy as

Xr+ W-—-W it Xr< W< W,
Wr = w if KSX < W,
XT if E<ESXT

Let us take a look at the conditions X7 > W and Xp > W. The former
is already given in (5.13), i.e. it is equivalent to
Ing —(r+p8T(n—rl)—302)T
Ux\/T

The latter condition can be expressed as

Xoe(rJrgT(u—rl)f%a)%)TJrUX\/TZ Z Xoe(rJrgT(u—rl)—% )T oxVT®~ 1 (1—a)

Z > -0 '(1-—a)=M(W).

Then the expected terminal value of the insured portfolio is

1
V2T

2

M(W) B
/ (XT+ w — E) e zdz

M(W) 42 0 42
-|-/ We 2dz+ / Xre™ zdz
M(W) M(W)

= Wo(M(W)) - ( (W))+X06(T+BT(H*T1))T
8 ()~ ) 10 (310) - 0xvT)]

EWr] =
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Note that in case Wy = X, the portfolio is not insured and the expected
terminal wealth of the portfolio is calculated by (5.11).
Expected utility of the terminal wealth

The expected utility from the terminal wealth can be calculated as

MW (Xp+ W — W) 2
—/ — e zdz
V2m 11—

M(W Wl 07 2 2
’2dz+— e~z dz.
\/27r/ -

The first integral can not be expressed analytically, hence we provide it in
the integral form:

E[U(WT)] =

MW (Xp+ W — W7 o
—/ —————=¢ 2dz (7.14)
\/ﬂ —o0 1_'7

1=y

+ 1%_ — [e(M(W) - (M (1))

E[U(WT)] =

. Xé—we(erﬁT(M—rl)) (1-NT+5v(y—1) 03T

L=~
X @ (-M(w) + oxVT(1 - 7)) .

Note that in case Wy = X, the portfolio is not insured and the expected
utility from the terminal wealth is calculated by (5.12).

7.6 Examples

Example - Expected terminal values

Let us now examine the expected terminal value E[Wr| and the expected util-
ity from the terminal value E[U(Wr)] of the portfolio insured with spreads,
for both unconstrained and constrained models.

Let Bu represent the portfolio strategy of the unconstrained problem, cal-
culated by (2.9) and let B represent the portfolio strategy of the constrained
problem, calculated by (2.8). Table 5.1 summarizes the optimal strategies
for both models.
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~ T R
We calculate the volatilities as ox, = \/ fu ¢ fu for the unconstrained
model and oy = /3T chf for the constrained model. Then

Iy, = (7“—1— @T(u—rl)—%a)%u)T— oxu VTP (1 — ),
'y = (r—l—BT(u—rl)—%aX) T — oxVT®7 (1 - a).

The initial amounts invested in the risky asset are calculated by (7.11),
using 'y, for the unconstrained model and I'x for the constrained model.

In this example we use the same settings as in the Example 5.1.5.

First, we take a look at the condition (7.12) for the maturity 7" for different
levels of a. Table 7.1 summarizes the lower bounds of T, over which the
insurance with spreads is not applicable.

ol Txy Tx
0.01 | 9.909419 | 9.580635
0.02 | 7.723134 | 7.466889
0.03 | 6.477108 | 6.262205
0.04 | 5.611971 | 5.425772
0.05 | 4.953970 | 4.789603
0.07 | 3.987940 | 3.855624
0.10 | 3.007260 | 2.907483
0.15 | 1.966897 | 1.901638

Table 7.1: The boundaries of the maturity 7.

We can see that the higher the level of the probability « is, the lower the
boundaries of the maturity 7" are. In other words, we can use the insurance
with spreads for a longer maturity if we set the probability lower.

Let us choose the probability level « = 0.05. Table 7.2 summarizes the
floors of the put options, W, W and W ; the initial amounts invested in
the risky assets, Xuy and Xj; a and the expected terminal wealths of the in-
sured portfolios, E| Wur] and E[Wr|, for both unconstrained and constrained
models.

For a = 0.05, the insurance with spreads is applicable for the maturity
levels T' =1 and T' = 3. For the other levels of the maturity, 7" = 5 and
T = 10, we provide only the expected terminal wealths, E|Wur] and E[Wr].

For T'= 1 and T = 3, the auxiliary floors W and W , the initial
amounts Xug and X, invested in the risky assets and the expected terminal
wealths F[Wur] and E[Wr] are decreasing with W.
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w

— Xu

XUQ

E[ W]

v,

Xo

E[Wr]

0.828653
0.816809
0.801595
0.780779
0.766738

0.942526
0.929054
0.911750
0.888073
0.872102

1.121798
1.112772
1.102001
1.088703
1.080643

0.872670
0.862571
0.849259
0.830476
0.817420

0.962487
0.951349
0.936667
0.915950
0.901550

1.107088
1.099555
1.090355
1.078709
1.071492

0.942197
0.934573
0.926161
0.916830
0.911772

0.984363
0.976397
0.967609
0.957860
0.952576

1.568590
1.557156
1.544645
1.530893
1.523496

n/a
0.976400
0.969320
0.961353
0.956986

1
0.994603
0.987391
0.979276
0.974827

1.468023
1.460824
1.451280
1.440646
1.434863

n/a | 1 2168948 =n/a | 1  |1.896217 |

| | n/a | 1 |4704338] n/a | 1  [3.595639 |

Table 7.2: Portfolio development for different levels of the floor W.

Moreover, the auxiliary floors are higher for the constrained model, i.e.
w.>Ww., and the difference W.— W, is growing with the increase of
the floor 1 W Also, the initial Values 1nvested in the risky asset are higher for
the constrained model, i.e. Xy > Xug and the difference Xy — Xug is growing
with the increase of the floor W. On the other hand, the expected terminal
wealths are higher for the unconstrained model, i.e. E[Wur] > E[Wr| and
the difference E|Wir] — E[Wr| is decreasing with the increase of the floor
w.

In case when 7" = 3 and W = 0.98, the insurance with spreads is not
applicable for the constrained model because We™t'x = 0.998270 < 1 = W,

Naturally, for all levels of the floor W the expected terminal wealths
E[Wur] and E[Wr] are increasing with the maturity 7. Moreover, the ex-
pected terminal wealth is higher for the unconstrained model, i.e. E[Wur] >
E[Wr] and the difference E| Wur] — E[Wr| increases with 7.

To calculate the certainty equivalent, we need to enumerate the expected
utility from the terminal wealth. To evaluate the integral in (7.14), we use
the function 'quad’ in Matlab.

Table 7.3 summarizes the values of the certainty equivalents for different
levels of the maturity 7" and different levels of the floor W.
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w Cxu Cx
0.980 | 1.078479 | 1.075588
0.990 | 1.074683 | 1.071753
1| 1.069859 | 1.066867
1.010 | 1.063500 | 1.060392
1.015 | 1.059436 | 1.056223
T=3

0.980 | 1.298313 | 1.288040
0.990 | 1.296581 | 1.285885
1| 1.294152 | 1.282696
1.010 | 1.290954 | 1.278792
1.015 | 1.289044 | 1.276544
T=5
| | 1.548244 [ 1.524810 |
T=10

| | 2.397059 | 2.325046 |

Table 7.3: Certainty equivalents for different floors IW.

For both T' =1 and T = 3, the certainty equivalents C'y, and Cyx are
decreasing with T. Moreover, the certainty equivalents are higher for the un-
constrained model, i.e. C'y, > CYx, and the difference Cx,, — Cx is increasing
with W.

For all levels of the floor W, the certainty equivalents are increasing with
the maturity 7T'.

The question of comparing the Value-at-Risk based risk management, the
Limited-Expected-Losses based risk management and the portfolio insurance
with spreads arises naturally. The insurance strategies VaR-RM and LEL-
RM are optimal strategies, however they are applicable only when there are
no constraints imposed on the portfolio strategy. The portfolio insurance
with spreads is admissible for the strategy with constraints, though it is not
an optimal strategy.

We compare the certainty equivalents of the VaR-RM given in Table 6.2,
of the LEL-RM given in Table 6.4 and of the portfolio insurance with spreads
in the constrained model given in Table 7.3. One can see that for all levels of
the floor, the certainty equivalents of the portfolio insured with LEL-RM are
higher than the certainty equivalents of the portfolio insured with VaR-RM.
The average difference between the two values is about 0.5%. The certainty
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equivalents of the portfolio insurance with spreads are significantly lower than
those of the VaR-RM and the LEL-RM. The average difference between the
certainty equivalents of the VaR-RM and of the portfolio insurance with
spreads in the constrained model is approximately 1.8%.

Example - Discrete time

We derived our model with the assumption that the portfolio development
is continuous. However, in reality, one can control the portfolio development
only at discrete times.

Let us consider the case when W, < We™'. In addition to our portfolio,
we buy a put option with the strike price W and sell a put option with the
strike price W . Just as in the section of the option based portfolio insurance
5.1.5, we examine two discrete ways of calculating the terminal wealth Wi

Since we require convex constraints on the portfolio strategy of the risky
asset X, we determine /3 by (2.8). We calculate the initial amount X invested
in the risky asset by (7.11).

The first method represents the case when the required put options are
not available on the market. We evaluate the portfolio strategy 6; by (7.7).
Then we calculate W, A, the value of the wealth at time ¢ + At by Ito’s

lemma as o,
c t
Wi = Wte(rJrG;r(ufrl)fiT)AtJr\/@tTC—R@th’
where Z ~ N(0,1).

We divide the wealth Wi, a; to the amount invested in the risky asset
Xiia¢ and the insurance with spreads, according to Proposition 12. Finally,
the amount Wy represents the terminal value of the insured portfolio.

In the second method, we consider that the required put options are
available in the market. We observe the development of the risky asset and
at the end we evaluate the put options. The value of the risky asset X;a;
at time t + At is given by Ito’s lemma as

(r+§T(u—r1)— @) At/ BT cRBVALZ
Xt—l—At = Xie .

The amount X represents the terminal value of the risky asset. The
terminal value of the insured portfolio is

Wr = Xp + max(W — X7, 0) — max(W — Xr,0).

We use the same settings as in the section of the OBPI and compare Wr
and Wy for different numbers of steps, numerically 12, 52, 250 and 500.
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First, let us examine the percentage of falling under the floor W. In the
case when we consider that the required put options are available on the
market, we generate the terminal value of the risky asset X7 and at time
T we apply the put options. Table 7.4 summarizes in how many cases the
terminal wealth ended below the floor W and the percentage that this value
represents out of 20000 simulations.

number of steps | Wpr < W o
12 990 4.950%
52 1037 5.185%
250 1031 5.155%
500 1029 5.145%

Table 7.4: Percentage of Wy falling under the floor .

One can see that based on simulations, the percentages a* are very close
to the target probability a = 0.05, under which the terminal wealth is not
allowed to fall.

In case when the required put options are not available on the market, we
calculate the portfolio strategy 6, for all ¢ € (0,7"). The discrete approach
that we use in our calculations naturally generates numerical errors. The
histograms in Figure 7.5 show that the majority of the simulated terminal
wealths are around or greater than the floor W.

The step of the histograms is 0.01. One way to examine the success of
the strategy is to count how many times the terminal value Wy is in the
interval (0,0.99), allowing the maximum error of 0.01. The other way is to
organize all terminal values in an increasing order and take a look at the
particular one that represents the probability o = 0.05, i.e. the worst 5%
of the terminal values being under the 1000 value in the order. Table 7.5
represents the results for different numbers of the step.

number of steps | # of W < 0.99 | W(1000)
12 1729 0.977773
52 1218 0.985684
250 925 0.992539
500 892 0.994202

Table 7.5: Number of cases when the terminal wealths Wr < 0.99.

One can see that the higher the number of the terminal values in the
interval (0,0.99) is decreasing with the number of the steps. In addition, the
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Figure 7.5: Histograms of W for different number of steps.

upper bound representing the worst a% cases is increasing with the number
of steps. Moreover, this number approaches the floor W, therefore we state
that our calculations are consistent with the theory.

Table 7.6 provides the average values of the terminal wealths of the in-
sured portfolios for 20000 simulations.

number of steps | E[Wr] E[Wr]
12 1.090867 | 1.090519
52 1.089360 | 1.089110
250 1.089556 | 1.089484
500 1.089891 | 1.089873

Table 7.6: Average terminal wealths of the insured portfolio with spreads.

One can easily see that as the number of steps increases, the average
terminal wealths are closer to each other. Due to time complexity, we recom-
mend to conduct the calculations assuming that the put options are available
on the market.
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Conclusions

The main objective of our work was to examine the portfolio insurance when
short-selling of both risky and risk-free assets is prohibited. Our goal was
to provide a dynamic portfolio strategy that satisfies such constraints and
maximizes the expected utility from the partially guaranteed terminal wealth.

Nutz [26] examined the power utility maximization problem with con-
vex strategy constraints, not considering insurance and concluded that the
optimal portfolio strategy is constant over time.

Basak and Shapiro [2] investigated the power utility maximization apply-
ing the Value-at-Risk based risk management with no strategy constraints
and stated that the optimal portfolio strategy is a proportion of the optimal
benchmark portfolio strategy.

To our knowledge, no one studied the combination of these two problems
so far. That directed our interest to the power utility maximization problem
with risk management and strategy constraints.

Assuming that the terminal wealth of the portfolio is not allowed to fall
under the predefined level with probability one and that short-selling is pro-
hibited, we provided two admissible strategies, the OBPI in the constrained
model and the alternative method. Based on the results of sensitivity anal-
ysis, we concluded that none of the methods dominates the other.

Under the assumption that the terminal wealth is partially allowed to fall
under the predefined floor, we found conditions under which the Limited-
Expected-Losses based risk management is optimal. The Value-at-Risk based
risk management turned out not to be admissible, hence we provided an
alternative to it, the portfolio insurance with spreads, which is an admissible
solution. The portfolio insurance with spreads is not an optimal strategy,
hence its certainty equivalents were significantly lower that the certainty
equivalents of the VaR-RM and the LEL-RM in the unconstrained model.
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